
The Inflation Attention Threshold and Inflation Surges

Oliver Pfäuti∗
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Abstract

At the outbreak of the recent inflation surge, the public’s attention to inflation was

low but increased rapidly once inflation started to rise. Using survey inflation

expectations, I quantify when and by how much the public’s attention to inflation

changes. I estimate an attention threshold at an inflation rate of 4%, and that attention

doubles when inflation exceeds this threshold. Negative supply shocks are more than

twice as inflationary in the high-attention regime, and the increase in people’s attention

to inflation in early 2021 accounts for about 50% of the supply-driven inflation between

2021 and 2023. I develop a general equilibrium model accounting for the attention

threshold and show that shocks that are usually short lived can lead to a persistent

surge in inflation if they induce an increase in people’s attention. The attention

threshold leads to an asymmetry in the dynamics of inflation as periods of high inflation

become substantially more likely than periods of low inflation.
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1 Introduction

Inflation is back. After decades of low and stable inflation, inflation surged in many advanced

economies during the recovery phase of the pandemic. Inflation turned out to be higher and

more persistent than many expected.1 With inflation rising, the public’s attention to inflation

increased as well (Figure 1). But is this increased attention to inflation merely a byproduct or

a driver of high and persistent inflation?

Figure 1: Inflation is back... on people’s minds
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Notes: The black-solid line shows the monthly year-on-year US CPI inflation rate (left axis), and the blue-
dashed line the number of Google searches in the US of inflation (right axis, normalized to have a maximum of
100).

To shed light on this question, I propose a way to estimate an inflation attention threshold

at which attention changes, as well as the degrees of attention across the different attention

regimes. Attention captures how strongly agents update their inflation expectations in response

to forecast errors. I estimate the attention threshold and the attention levels in the two regimes

jointly using survey data from the University of Michigan’s Survey of Consumers for the period

1978 to 2023. I find an inflation attention threshold at an annualized inflation rate of 4.0%,

and that attention is about 0.18 when inflation is below the threshold and doubles to 0.36 when

inflation is above the threshold. An attention level of 0.36 means that following a 1pp forecast

error, agents increase their inflation expectations by 0.36pp. Using the Survey of Consumer

Expectations from the New York Fed for the period 2013-2023, I obtain similar results: attention

in times when inflation was below 4% is about 0.21 and increases to 0.4 when inflation is above

4%. The data suggests that there is only one attention threshold, and once I control for this

threshold, I do not find any evidence that attention increases with inflation within regime.

The degree of people’s attention matters for the dynamics of inflation and inflation

expectations. Using the high-frequency identification of Känzig (2021), I use oil supply news

1For example, Federal Reserve Chair Jerome H. Powell said in his 2021
Jackson Hole speech that inflation concerns are “likely to prove temporary” (see
https://www.federalreserve.gov/newsevents/speech/powell20210827a.htm).
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shocks as my proxy for supply shocks and I find that inflation increases more than twice as

much in response to these shocks when they hit in the high-attention regime compared to the

low-attention regime. A one standard deviation shock, that pushes inflation up by about 25

basis points on average across regimes, leads to a peak increase in inflation of more than 60

basis points when the shock hits in the high-attention regime. These effects are persistent as

they only diminish after about one to two years. The effects on inflation expectations are even

longer lived: as inflation starts to return to its initial value, inflation expectations start to

overshoot actual inflation. This delayed overshooting happens later in the high-attention

regime, indicating that inflation expectations stay persistently higher in the high-attention

regime even after inflation already started to come down.

My findings imply that the US economy entered the high-attention regime most recently in

early 2021. I show that supply shocks explain about 60% of the inflation surge from the time

the US economy entered the high-attention regime in early 2021 until the peak in mid-2022.

Without the attention increase, however, the implied inflation increase would have only been

half as strong.2 These results suggest that people’s higher attention to inflation is not merely

a byproduct but an important driver of the recent inflation surge and the increase in attention

substantially amplified the already inflationary supply shocks.

To understand these findings as well as their implications for monetary policy, I develop

a New Keynesian model accounting for the attention threshold and the changing levels of

attention. I show analytically how the attention threshold alters the dynamics of inflation.

Following a cost-push shock that pushes the economy into the high-attention regime, both the

aggregate supply and aggregate demand curve become steeper—thus, the attention threshold

gives rise to a dynamic non-linearity in the Phillips Curve and the aggregate demand curve.

Additionally, the effects of the ongoing shock are amplified through the heightened attention

level, leading to a further upward shift of the aggregate supply curve. On top of that, this

shift occurs along a steeper aggregate demand curve, such that the inflationary effects become

larger. Overall, this stylized example illustrates how an upward shift in attention may lead to

self-reinforcing inflation dynamics without large changes in the output gap, and that inflation

becomes more sensitive to shocks when attention is high, as found empirically.

I then calibrate the model to match the estimated attention levels in the two regimes and

the attention threshold. Following an inflationary supply shock that pushes inflation above the

attention threshold, inflation keeps on increasing through the endogenous attention increase. As

attention increases, agents update their inflation expectations more strongly in response to the

increase in inflation. These higher inflation expectations then fuel further inflation increases,

2I show that also other shocks, i.e., the inflation shock from Angeletos et al. (2020a) as well as monetary
policy shocks, become more inflationary in the high-attention regime, indicating that shocks generally become
more inflationary when attention to inflation is high. However, for the recent inflation surge I focus on oil supply
news shocks as these shocks are available until the end of 2022.
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leading to even higher inflation expectations. This illustrates how what usually would be a

transitory inflation shock can become a very persistent one due to the heightened attention.

As the shock dies out, inflation starts to decline after some time. However, inflation may

remain elevated for a substantial period of time, because once it falls back below the threshold,

people pay less attention to inflation, and hence, only slowly revise their inflation expectations

downward. As their prior expectations are now relatively high due to the experienced high

inflation period, expectations remain persistently high, leading to a slow decline of actual

inflation. I show that these patterns of inflation and inflation expectations are consistent with

the recent inflation surge in the US: inflation followed a hump-shaped pattern and inflation

expectations initially fell short of the actual inflation surge, but then surpassed it once inflation

started to decline.

That inflation expectations stay persistently high, even when inflation has already fallen

back below the threshold, gives rise to a heightened risk of another subsequent inflation surge.

The higher inflation expectations keep actual inflation higher for longer, and therefore, closer to

the attention threshold. Thus, a subsequent inflationary shock is more likely to push inflation

back above the threshold and therefore, leading to another episode of persistently high inflation.

The attention threshold induces an asymmetry in the dynamics of inflation: attention

increases when inflation is particularly high but remains constant when inflation is

particularly low. Relative to the model abstracting from the attention threshold, this

asymmetry increases the risk of periods of persistently high inflation rates but leaves the risk

of particularly low inflation rates unchanged.

This asymmetry also matters for the model’s normative implications. When monetary

policy sets the nominal interest rate following a simple and relatively dovish Taylor rule, the

associated welfare losses are significantly larger compared to optimal policy rules or a strict

inflation targeting rule.3 The reason is that under a standard calibration of the Taylor rule, the

economy spends a substantial amount of time in the high-attention regime in which inflation

is high and volatile. Due to the asymmetry of the attention threshold the average level of

inflation is higher when the economy is in the high-attention regime frequently. This differs

from the model without the threshold or the one with fully-informed rational agents, where

inflation fluctuates symmetrically around zero. This asymmetry of the attention threshold also

offers a potential explanation for why we did not observe long lasting deflationary periods,

for example, during the Great financial crisis (Coibion and Gorodnichenko, 2015). In fact,

annualized quarter-on-quarter CPI inflation was negative only 7% of the time between 1978

and 2023, whereas it exceeded the attention threshold of 4.0% about 30% of the time during

the same period.

3This particular finding is similar to what Gáti (2022) finds when studying the optimal monetary policy in
a model with time-varying degrees of anchoring of long-run inflation expectations.
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Related literature. This paper contributes to the ongoing debate about the drivers of the

recent inflation surge and offers an alternative and novel perspective by highlighting the role

of people’s heightened attention during that period. Shapiro (2023) decomposes demand- and

supply-driven inflation and estimates a similar role for supply factors as I do. Gagliardone and

Gertler (2023) estimate a New Keynesian model to account for the recent inflation dynamics

and attribute large parts of it to oil supply shocks and easy monetary policy. Bernanke and

Blanchard (2023) find that shocks to prices given wages, including shocks to energy prices

and sectoral shortages, played a key role for the recent inflation spike. Benigno and Eggertsson

(2023) find evidence for a non-linear Phillips Curve that is steeper when labor markets are tight.

Relatedly, Ball et al. (2022) find that the tightening of labor markets was a main driver of the

rise in core inflation. Amiti et al. (2023) focus on the role of supply chain disruptions, labor

supply constraints and the shift of consumption from services to goods, whereas Bianchi and

Melosi (2022) and Bianchi et al. (2023) attribute the inflation surge to unfunded fiscal shocks

or changes in people’s beliefs about the fiscal framework. In contrast to all of these papers,

I focus on the role of changes in people’s attention to inflation and show that the increase in

attention in early 2021 likely doubled the inflationary effects of supply shocks between early

2021 and the end of 2022.

Pfäuti (2023) documents that before the recent inflation surge, attention to inflation was

at a historical low.4 Bracha and Tang (2023) find that when inflation increases, attention to

inflation increases as well. Korenok et al. (2022) find, for a large number of countries, that

people’s attention to inflation increases with inflation only after inflation exceeds a certain

threshold. Using Google search data for the period from 2004 to 2022, they estimate this

attention threshold to be at an annualized inflation rate of 3.55% for the US. Cavallo et al.

(2017) show that survey respondents in high-inflation environments (Argentina) respond less

to information about inflation than in low-inflation environments (United States), which is

consistent with higher attention to inflation in high-inflation environments. Weber et al. (2023)

confirm, using a range of randomized control trials spanning over several years and different

countries, that attention of households and firms is indeed higher in times of high inflation.

Kroner (2023) focuses on financial markets and shows that attention—measured as asset price

responses to inflation news—is higher in times of high inflation. My key innovation relative to

4For the years before the recent inflation surge, Candia et al. (2021, 2023) and Coibion et al. (2020) show
that U.S. firms as well as households are usually poorly informed about and inattentive to inflation and monetary
policy (see also Weber et al. (2022) for a recent review). Goldstein (2023) also finds that inattention varies over
time. Different forms of changing attention are considered, e.g., in Kim and Binder (2023) who examine how
repeat participation in surveys that ask about inflation expectations may lead to higher attention to inflation,
or in Flynn and Sastry (2022) who show—by using a textual proxy for firms’ attention toward macroeconomic
conditions—that attention is counter-cyclical, or Gallegos (2023) who shows that firms’ less sluggish inflation
expectations after the Great inflation period offer a potential explanation for the decrease in the persistence of
inflation as found, e.g., in Benati (2008).
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these papers is that I provide estimates of the attention threshold and the attention levels in

the two regimes in a way that directly maps into otherwise standard macroeconomic models,

and I quantify the role of these attention changes in the recent inflation surge.

I further contribute to the literature on the state dependency of shocks (Auerbach and

Gorodnichenko, 2012a,b; Caggiano et al., 2014; Ramey and Zubairy, 2018; Tenreyro and

Thwaites, 2016). The two papers most closely related are Ascari and Haber (2022) and

Joussier et al. (2023). Ascari and Haber (2022) show that the inflationary effects of monetary

policy shocks are larger in times of high trend inflation. Joussier et al. (2023) find that French

firms pass through energy price shocks more to their prices in times of high inflation.5 I

contribute to that literature by showing that attention to inflation matters for the

transmission of supply and monetary shocks to aggregate inflation and inflation expectations.

The theoretical insights in this paper contribute to a growing literature on the role of changes

in attention and the degree of anchoring of inflation expectations. Evans and Ramey (1995)

propose a model in which agents choose how forward-looking they want to be and show that

inflation remains stable when agents are not very forward looking.6 Gáti (2022) studies how

changes in the degree of anchoring of long-run inflation expectations affect the optimal monetary

policy. In her paper, anchoring changes continuously, thus, can also jump in response to large

shocks. In contrast, attention in my model only changes across but not within regime, which

is consistent with what I find in the data, namely, that attention is constant within regimes.

Carvalho et al. (2022) focus on discrete changes in anchoring of long-run inflation expectations,

but do so in a partial equilibrium setting. In Pfäuti (2023), I study the implications of low

attention for optimal monetary policy when the zero lower bound poses a constraint to monetary

policy. In contrast to that paper, I allow here for an inflation attention threshold, whereas

Pfäuti (2023) compares economies with different—but time-invariant—degrees of attention.

Hazell et al. (2022) show that the greater inflation stability after 1990 is mostly due to more

firmly-anchored long-run inflation expectations. Related, Afrouzi and Yang (2020) show that

in a model of dynamic rational inattention the stance of monetary policy affects the slope of the

Phillips curve (see also Jørgensen and Lansing (2023)). The main contribution of the present

paper to this literature is that I incorporate and estimate an inflation attention threshold into

a general equilibrium model and show how accounting for such a threshold can help us better

understand how inflation surges may happen and how they can sustain themselves, as well as

5Joussier et al. (2023) use Google Trends data to proxy for attention to energy prices and energy cost and
show that the pass through of energy shocks to prices in France is stronger in times of higher attention to energy
prices.

6Focusing on endogenous but constant attention, Mackowiak and Wiederholt (2009) show how firms set
prices optimally information is costly, and Paciello and Wiederholt (2014) how the optimal monetary policy
changes when firm managers decide optimally how much attention they want to pay to aggregate conditions
compared to a setting where their attention is exogenous (see also Sims (2003, 2010)). Reis (2006a,b) study
how decisions of consumers and producers change when updating their information set infrequently.
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the monetary policy implications that follow from such attention-fueled inflation surges.

Outline. In Section 2, I estimate the inflation attention threshold and attention across

regimes. In Section 3, I show that the attention regime matters for the inflationary effects of

shocks, and quantify the role of attention in the recent inflation surge. I introduce the New

Keynesian model with limited attention in Section 4, and the model’s positive results in

Section 5. In Section 6, I derive the model’s normative implications and Section 7 concludes.

2 Attention and the Inflation Attention Threshold

In this section, I show how I estimate the inflation attention threshold and the different degrees

of attention in the two attention regimes, and present the estimation results. To arrive at these

results, I extend the method I develop in Pfäuti (2023) by allowing for an inflation-attention

threshold.7 In Appendix A, I show how a simple model of optimal attention choice provides a

microfoundation for the following results.

The agent believes that inflation π follows

πt = (1− ρπ)π + ρππt−1 + νt,

where π is the agent’s long-run belief about inflation and ρπ is the perceived persistence of

inflation.8 I assume that the error term νt is normally distributed with mean zero and variance

σ2
ν . The agent receives a signal about inflation of the form

st = πt + εt,

where the noise εt is assumed to be normally distributed with variance σ2
ε . Higher attention is

reflected in less noise, i.e., a lower σ2
ε .

Given these assumptions, it follows from the (steady state) Kalman filter that optimal

updating is given by

Ẽtπt+1 = (1− ρπ)π + ρπẼt−1πt + ρπγπ

(
πt − Ẽt−1πt

)
+ ut, (1)

where the updating gain γπ captures how attentive the agent is and crucially depends on the

noise variance σ2
ε (see Appendix A for details). When the agent is relatively inattentive, she

7The method proposed in Pfäuti (2023) builds on Mackowiak et al. (2023) and Vellekoop and Wiederholt
(2019).

8Agents’ subjective model need not necessarily be consistent with the actual law of motion (see Andre et al.
(2022) and Macaulay (2022) for empirical evidence that the subjective models agents hold may not necessarily
be consistent with the actual behavior of the economy or with experts’ subjective models).
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obtains relatively noisy signals and thus, puts little weight on these signals, reflected in a small

γπ. Therefore, lower attention, i.e., a lower γπ, implies that the agent updates her expectations

to a given forecast error, (πt − Ẽt−1πt), less strongly.

In principle, attention to inflation may vary and depend on the economic environment.9

To account for such changes in people’s attention, I allow attention to change when inflation

exceeds a certain threshold π̄:

Ẽtπt+1 =

(1− ρπ)π + ρπẼt−1πt + ρπγπ,L

(
πt − Ẽt−1πt

)
+ ut, when πt−1 < π̄

(1− ρπ)π + ρπẼt−1πt + ρπγπ,H

(
πt − Ẽt−1πt

)
+ ut, when πt−1 > π̄.

(2)

Later on, I test for multiple thresholds and changes of attention within regime.

One potential reason for such changes in attention may arise from changes in how costly it is

to acquire and process information about inflation. Consistent with that, I show in Figure 14 in

Appendix B that news coverage of inflation is substantially higher in times of higher inflation.

Thus, information about inflation is more prevalent in times of higher inflation, which lowers

the cost of acquiring information about inflation, leading to an increase in people’s attention.10

Hence, when there is more news about inflation in regime H, attention is higher: γπ,H > γπ,L.

In the estimation later on, I will test this prediction of the theory rather than imposing it. I

assume that agents do not foresee these changes in news reporting and form their expectations

within regime r as if the cost of information would remain unchanged.11

2.1 Estimating attention and the attention threshold

Data. As my measure of inflation expectations, I rely on the Survey of Consumers from the

University of Michigan. For my baseline specification, I use average and median household

inflation expectations for the period 1978-2023. For the period 2013-2023, I also use individual

inflation expectations from the Survey of Consumer Expectations from the New York Fed.

Even though I focus on inflation and inflation expectations over one quarter, I use monthly

9The microfoundation in Appendix A predicts that attention depends positively on the agent’s perceived
persistence and volatility of inflation, preferences, and negatively on how costly it is to acquire and process
information about inflation.

10Consistent with this, Bracha and Tang (2023) show that higher inflation rates indeed lead to more media
reporting about inflation, and Lamla and Lein (2014) find that more intensive news reporting about inflation
improves the accuracy of consumers’ inflation expectations, consistent with agents being more attentive. Schmidt
et al. (2023) show that during episodes of intensive newspaper coverage of inflation, news reporting has strong
effects on inflation expectations but not during other episodes. Larsen et al. (2021) find that news media
coverage predicts households’ inflation expectations, and Nimark and Pitschner (2019) show that major events
(such as strong inflation increases) lead to a shift in the news focus towards these events.

11Furthermore, I assume that the agents always use the steady state Kalman filter within regime to form
their expectations, which is a standard assumption in the rational inattention literature and basically means
that the agent receives all her signals before forming her expectations (see, e.g., Mackowiak and Wiederholt
(2009); Maćkowiak et al. (2018, 2020)).
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data to increase the number of observations. As a robustness check, however, I also consider

expectations at quarterly frequency. One advantage of using quarterly observations is that

the Survey of Consumers provides mean expectations going back to 1960Q2. Both surveys

ask consumers for their price growth expectations one-year ahead: Ẽtπt+12. I compute one-

quarter-ahead forecasts by dividing the one-year-ahead forecasts by four: Ẽtπt+3 ≡ Ẽtπt+12

4
.

Using Ẽtπt+3 ≡
[(

1 + Ẽtπt+12

) 1
4 − 1

]
instead does not change the results. Computing one-

quarter-ahead expectations allows me to compare the results directly to the model which is

calibrated at quarterly frequency. For actual inflation, I use the monthly CPI inflation rate

from the FRED database and to be consistent with the model, I focus on quarter-on-quarter

inflation: πt ≡ Pt−Pt−3

Pt−3
. Figure 13 in Appendix B plots the time series of these variables, and

in Appendix B I also discuss heterogeneity in attention across demographic groups and show

that the following results are similar when focusing on the Covid period.

Estimating attention and the attention threshold. In order to estimate the two

attention levels γπ,r for r ∈ {L,H}, as well as the attention threshold π̄, I estimate the

following threshold regression:

Ẽtπt+3 = 1πt−1≤π̄

(
β0,L + β1,LẼt−3πt + β2,L

(
πt − Ẽt−3πt

))
+ (1− 1πt−1≤π̄)

(
β0,H + β1,HẼt−3πt + β2,H

(
πt − Ẽt−3πt

))
+ ϵt,

(3)

where β0,r = (1− ρπ,r)πr denotes the intercept in regime r ∈ {L,H}, β1,r = ρπ,r the perceived

persistence, and β2,r
β1,r

= γπ,r the attention level in regime r. 1πt−1≤π̄ is the indicator function

that equals one when inflation in the previous month πt−1 was below the threshold π̄ and zero

otherwise. The threshold value is then estimated jointly with the regression coefficients by

minimizing the sum of squared residuals obtained for all possible thresholds (see, e.g., Gonzalo

and Pitarakis (2002) and Hansen (2011)). Note, that I do not impose that the attention level

in the regime in which inflation is above the threshold needs to be higher than in the regime

with inflation below the threshold.

Estimation results. Table 1 shows the estimation results. For the baseline specification,

I estimate an attention threshold of ˆ̄π = 3.98%. Attention in the regime in which inflation

is below this threshold is γ̂π,L = 0.18, and attention in the high-inflation regime is equal to

γ̂π,H = 0.36. Thus, attention in the high-inflation regime is higher than in the low-inflation

regime, and I therefore refer to the regime with inflation above the threshold as the high-

attention regime. This is consistent with the theory that higher attention may be driven by

more extensive news coverage, since news coverage is substantially higher when inflation is

above 4% (see Appendix B). The threshold value of 3.98% implies that the US economy spent

9



about 31% of the time in the period 1978-2023 in the high-attention regime. Most recently,

inflation exceeded this threshold in early 2021. Google searches also started to increase around

that time (see Figure 1 in the Introduction). Using the Bayesian Information Criterion or the

Hannan–Quinn information criterion to select the numbers of thresholds, the data prefers the

specification with only one threshold.

The results for median expectations are similar. Attention in both regimes tends to be

somewhat lower when using median expectations and the attention threshold higher. In both

cases, the null hypothesis that the two attention levels across regimes are equal is rejected at

all conventional significance levels (p-values of 0.000 in both cases, see last column).

Table 1: Estimated attention levels and the attention threshold

Threshold ˆ̄π Low Att. γ̂π,L High Att. γ̂π,H p-val. H0 : γπ,L = γπ,H

Mean expectations 3.98% 0.18 0.36 0.000
s.e. (0.013) (0.037)
Median expextations 4.41% 0.16 0.23 0.000
s.e. (0.013) (0.028)
Quarterly frequency 3.21% 0.14 0.38 0.000
s.e. (0.033) (0.076)

Notes: This table shows the results from regression (3), where ˆ̄π denotes the estimated threshold, γ̂π,L and γ̂π,H
the estimated attention levels when inflation is below or above the threshold, respectively. The last column shows
the p-value for the null hypothesis that the two attention levels are equal. The upper half of the table presents
the results when using average expectations, and the lower half when using median expectations. Standard
errors are robust with respect to heteroskedasticity.

The last two rows in Table 1 show the results when using observations at quarterly frequency

for the period 1960Q2-2023Q2. We see that the estimated threshold is somewhat lower at 3.21%.

The estimated attention levels within regime are very similar to my baseline specification and

again, the difference in attention across regimes is highly statistically significant.

When I use the current inflation rate rather than the lagged inflation rate as the threshold-

defining variable, I find practically identical results. Attention is 0.18 when inflation is below

4% and increases to 0.36 when inflation is above 4%. When I use the average of the last three

months as the threshold-defining variable, I estimate a threshold at 3.5% and attention levels

of γ̂π,L = 0.19 and γ̂π,H = 0.34.

When using individual consumer inflation expectations from the Survey of Consumer

Expectations, I obtain similar results even though this survey is only available since 2013.

When last month’s inflation was below the threshold of 4%, I estimate an attention level of

0.21. When inflation was above the threshold, attention doubles to 0.4, and I reject the

nullhypothesis that the two estimates are equal (p-value of 0.000).

I also consider mean expectations from the Survey of Professional Forecasters from the

Philadelphia Fed. CPI inflation expectations from that survey are available at quarterly

10



frequency since 1981Q3. I estimate an attention threshold at 3.92% and thus, very close to

the one for households. The estimated attention levels are γ̂π,L = 0.07 and γ̂π,H = 0.17 (with

an associated p-value that the two are equal of 0.008).

My estimated attention threshold is slightly higher than the one estimated in Korenok

et al. (2022). They estimate for the US that once inflation exceeds the threshold of 3.55%

that attention—measured using Google searches of inflation—increases with inflation whereas

it does not below the threshold. One reason why I find a higher threshold could be that people

might start to google for information about inflation at lower levels of inflation already, but

only start incorporating that information in their expectations once inflation further increases.

Additionally, I focus on the time starting in 1978, whereas their sample is restricted to 2004-

2022 because the Google search data is not available for years before 2004. They also consider

news coverage of inflation, and in that case, they estimate a threshold between 3.77-3.94%,

which is very close to the threshold I estimate. Overall my results align with their findings,

and my approach provides a quantification of the threshold and the attention levels in a way

that is directly applicable to standard macroeconomic models, as I show later.

Attention changes within regime. In Table 1, we saw that attention increases strongly

when inflation exceeds the threshold of 4%. But what about changes within regime? To look

at this, I estimate a time series of attention. In particular, I estimate the regression

Ẽtπt+3 = β0 + β1Ẽt−3πt + β2

(
πt − Ẽt−3πt

)
+ ϵt,

using a rolling-windows approach, where each window has a length of one year. I denote the

estimated time series of attention parameters by γ̂π,t, and I compute the window-specific average

of the monthly quarter-on-quarter inflation rate, πavgt . To then test whether attention within

regime is higher when inflation is higher, I estimate the following regression

γ̂π,t = δ0 + δ11πavg
t ≥4 + δ2π

avg
t + δ31πavg

t ≥4π
avg
t + εt, (4)

where 1πavg
t ≥4 is an indicator that equals one when in period t average inflation over the last

twelve months is above 4% and zero otherwise. Thus, δ1 tells us the difference of attention

across regimes, δ2 the effect of inflation on attention and δ3 the additional effect of inflation on

attention in the high-inflation regime.12

The first row in Table 2 shows the results. We see that attention is significantly higher in

the higher-inflation regime, as indicated by the estimate of δ1. Yet, inflation does not have any

additional significant effect on attention when accounting for the threshold, as depicted by the

12To be consistent with the theory, I impose that attention is between 0 and 1, see expression (33).
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last two columns.

As a robustness check, I also estimate

γ̂π,t = δ0 + δ11πavg
t ≥4 + δ2πt−1 + δ31πt−1≥4πt−1 + εt, (5)

where I use lagged inflation as the independent variable rather than average inflation. The

lower part of Table 2 shows that the results are robust to this change. Once I control for the

inflation threshold, I do not find any evidence for a positive relationship between inflation and

attention on top of the attention shift across regimes.

Table 2: Attention changes within regime

δ̂1 δ̂2 δ̂3

Regression (4) 0.393∗∗ 0.053 -0.079
s.e. (0.192) (0.047) (0.051)
Regression (5) 0.119∗ -0.010 0.010
s.e. (0.0641) (0.0141) (0.0141)

Notes: This table shows the results from regression (4) (upper half of the table) and from regression (5) (lower
half). Standard errors are robust with respect to heteroskedasticity and serial correlaton (Newey and West
(1987) with 12 lags). Significance levels: ∗: p-value < 0.1, ∗∗: p-value < 0.05, ∗∗∗: p-value < 0.01.

3 The Role of Attention for the Propagation of Shocks

In this section, I show that negative supply shocks become more inflationary when attention is

high, and that the increase in attention in early 2021 substantially amplified the inflationary

effects of supply shocks in the following inflation surge.

Supply shocks. As my empirical measure of supply shocks, I use the oil supply news shocks

from Känzig (2021) for the period 1975M1-2022M12. In a first step, oil surprises are identified by

using institutional features of the Organization of the Petroleum Exporting Countries (OPEC)

and high-frequency data on variation in oil futures prices around OPEC announcements. In a

second step, the resulting surprises are then used as an external instrument in an oil VAR, to

identify a structural oil supply news shock. In the following, I show the responses to a negative

shock that pushes up oil prices and lowers oil production. I refer to these shocks as oil news

shocks, cost-push shocks or supply shocks interchangeably.

Later on, I show that the following results also hold when focusing on other shocks. Given

that the oil supply news shocks cover most of the recent inflation surge—while the other shocks

do not—I use the oil supply news shocks as my baseline.
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Attention regimes. Given the results in Section 2, I define the high-attention regime to be

periods in which inflation in the past month exceeded 4%. Later, I use Google Trends as an

alternative indicator for the attention regime, with the drawback that this data is only available

since 2004.

Table 3: Shock properties across regimes

Regime Mean Standard deviation N
Inflation as regime-defining variable
High -0.017 0.554 192
Low 0.001 0.550 384
Google Trends as regime-defining variable
High -0.026 0.6762 40
Low 0.005 0.629 187

Notes: This table shows the mean, the standard deviation and the number of observations for the oil supply
news shocks across the two attention regimes. The upper part of the table shows the case where the previous
month’s inflation is the threshold-defining variable and the lower part the case where Google Trends are used
to identify the two regimes.

Table 3 provides some summary statistics of the supply shocks: the mean, the standard

deviation and the number of observations N of the shocks for the high-attention and low-

attention regime, separately. The upper part of the table shows these statistics for the case in

which the regimes are defined based on whether the previous month’s inflation rate was below

or above the 4% threshold, and the lower part of the table for the case where the regimes are

defined based on Google Trends data. We see that in both cases, the shock series have similar

first and second moments across regimes. Thus, the following results are unlikely to be driven

by differences in the shock series across regimes.

The high-attention periods were especially the 1970s and 1980s as well as the recent inflation

surge after the Covid-19 pandemic.13 In the following, I will show that the implications of being

in the high-attention regime for the transmission of supply shocks to inflation are very similar

for these two periods.

Quantifying the role of attention for the propagation of supply shocks to inflation.

To examine whether the effects of negative supply shocks on inflation differ across regimes, I

estimate the local projection (Jordà, 2005):

yt+j − yt−1 = 1H
(
αHj + βHj εt

)
+ (1− 1H)

(
αLj + βLj εt

)
+ Γ′Xt + ut+j, (6)

where yt+j denotes inflation (or inflation expectations) at time t+j, 1H is an indicator function

that equals one when the economy is in the high-attention regime and 0 else, εt denotes the

13Consistent with my finding that the U.S. was in the high-attention regime during the 1970s and 1980s,
Reis (2022b) documents an unanchoring of inflation expectations in the Great Inflation period.
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shock at time t and Xt are controls. In my baseline estimation, I use four lags of the shock,

four lags of the unemployment rate and lags 2 to 4 of inflation as controls.14 In Appendix C, I

show that the results remain robust when using other controls.

Figure 2 shows the estimation results of (6). Panel (a) depicts the inflation response to

a negative oil news shock in the high-attention regime, panel (b) in the low-attention regime,

panel (c) shows the average effect, and panel (d) the difference between the effects in the high-

attention regime and the low-attention regime. In all cases, I consider a one-standard deviation

shock. The dark shaded areas depict the 68% confidence bands and the light-shaded areas

the 90% confidence bands. Standard errors are robust with respect to serial correlation and

heteroskedasticity (Newey and West (1987) with 12 lags).

Figure 2: Inflation response to an oil supply news shock

(a) High-Attention Regime (b) Low-Attention Regime
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(c) Average effect (d) Difference
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Notes: This figure shows the inflation response to an oil supply news shock (equation (6)) in the high-attention
regime (panel (a)), the low-attention regime (panel (c)), on average across regimes (panel (c)), and the difference
between the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and the light-
shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation and
heteroskedasticity (Newey and West (1987) with 12 lags).

14I do not include the first lag of inflation as control because it already is on the left-hand side of regression
(6). Including it as a control, however, barely affects the results.
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Inflation increases about twice as much in the high-attention regime compared to the low-

attention regime. These differences are quite persistent and statistically significant at the

10% significance level in the first six months. Thus, when the economy is hit by a one-standard

deviation supply shock when people’s attention to inflation is high, inflation increases on average

by about 50 basis points. In contrast, when attention to inflation is low at the time of the shock,

inflation only increases by about 25 basis points.

Using Google Trends as the threshold-defining variable. Instead of using the lagged

inflation rate as the threshold-defining variable, I now use Google Trends data to define the

regimes. This data, however, is only available since 2004. Thus, the high-attention regime

largely coincides with the recent inflation surge. The data is normalized such that the month

with the most Google searches of the word ”inflation” is assigned a value of 100 and all the

other months are expressed relative to that month. I assign months to the high-attention regime

when Google searches of inflation in that month exceed the 75th percentile. I then estimate the

local projection (6) for the period since 2004M1. I use the same control variables as before and

I further include four lags of the number of Google searches as control variables.

Figure 3 shows the results. We see that they confirm the previous results that inflation

responds substantially and significantly more to supply shocks when attention to inflation is

high. In fact, the differences across regimes are even more pronounced than in Figure 2. While

inflation again peaks at about 25 basis points in the low-attention regime, it peaks at more

than 60 basis points in the high-attention regime (it peaks at about 50bp when considering the

whole sample in Figure 2). These effects are also more persistent: one year after the shock, the

inflation response in the high-attention regime is still more than 50 basis points higher than in

the low-attention regime and this difference is highly statistically significant.

Forecast errors. Figure 4 shows the dynamics of forecast errors in response to an oil

supply news shock, using average inflation expectations from the Survey of Consumers. In

both regimes, forecast errors are initially positive—indicating an underreaction in

expectations as a positive error means that inflation increased more than what was

expected—followed by a delayed overshooting. This delayed overshooting is captured by the

negative forecast errors at longer horizons. The key difference across regimes is that this

delayed overshooting happens later in the high-attention regime, and significantly so, as panel

(d) shows. This suggests that inflation expectations stay persistently higher in the high

attention regime even after inflation already started to come down. When discussing the

model results later, I will discuss how these persistently high inflation expectations give rise to
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Figure 3: Inflation response to an oil supply shock with Google data as threshold-defining
variable

(a) High-Attention Regime (b) Low-Attention Regime
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(c) Average effect (d) Difference
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Notes: This figure shows the inflation response to an oil supply news shock (equation (6)) in the high-attention
regime (panel (a)), the low-attention regime (panel (c)), on average across regimes (panel (c)), and the difference
between the two regimes (panel (d)). The attention regimes are defined based on the number of Google searches
of the word inflation in the current month. The dark shaded areas depict the 68% confidence bands and the
light-shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation and
heteroskedasticity (Newey and West (1987) with 12 lags).

a heightened risk of a subsequent high inflation period after an inflation surge.15

Other shocks. So far, I focused on the implications of supply shocks on inflation. In

Appendix C, I show that other shocks become more inflationary in the high-attention regime

as well. In figure 16, I show that inflation responds twice as much to the main inflation shock

from Angeletos et al. (2020a) and that these differences are highly persistent. In figure 17, I

show that inflation also responds more strongly in the high-attention regime to monetary

policy shocks identified using a high-frequency identification (the shocks are taken from

15Angeletos et al. (2020b) also find that inflation and unemployment expectations show patterns of initial
underreaction (mirrored by positive forecast errors) and delayed overshooting (negative forecast errors). They
do not, however, distinguish between different attention regimes.
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Figure 4: Forecast error response to an oil supply news shock

(a) High-Attention Regime (b) Low-Attention Regime
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(c) Average effect (d) Difference
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Notes: This figure shows the response of forecast errors (using mean household inflation expectations) to an oil
supply news shock (equation (6)) in the high-attention regime (panel (a)), the low-attention regime (panel (c)),
on average across regimes (panel (c)), and the difference between the two regimes (panel (d)). The attention
regimes are defined based on the number of Google searches of the word inflation in the current month. The dark
shaded areas depict the 68% confidence bands and the light-shaded area the 90% confidence bands. Standard
errors are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987) with 12 lags).

Jarociński and Karadi (2020) and are purged from the information effects of monetary policy

statements). A drawback of using these monetary policy shocks, however, is that they are

only available for the period 1990-2019. Thus, the sample does not include most of the

high-inflation periods. Therefore, while the differences across regimes are substantial in

magnitude, the differences are less statistically significant.

Robustness. In Appendix C, I discuss a number of robustness checks. In particular, I show

that my results are not driven by different oil price responses (figures 18 and 19) or a higher

sensitivity of macroeconomic variables in general (figures 20 and 21). I also show that the

results are very similar when excluding the Covid period (figure 22), when excluding the Great

Inflation period (figure 23), when using different control variables (figure 24), or when focusing
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on the cumulative changes in the price level rather than the cumulative changes in inflation

compared to the initial inflation rate (figure 25). Overall, the results in this section show

that inflation responds 2-3 times as strongly to inflationary supply shocks when the public’s

attention to inflation is high compared to periods in which it is low.

3.1 The Role of Attention in the Post-Covid Inflation Surge

I now show that oil supply news shocks as well as the increase in people’s attention to inflation

played a quantitatively important role in driving the post-Covid inflation surge in the United

States.16 The black-solid line in Figure 5 shows the evolution of CPI inflation for the period

2020-2023.

To quantify the importance of the change in attention and of oil supply shocks, I estimate

the counterfactual evolution of CPI inflation when only considering oil supply news shocks

starting in April 2021, which is when inflation exceeded 4% and thus, the economy entered the

high-attention regime.17 I do this twice: once, taking the increase in attention into account,

and once, without the increase in attention. For the case with the increase in attention, I

therefore feed in the identified oil supply shocks from April 2021 until the end of 2022 using the

estimated impulse response functions from panel (a) of Figure 2. The blue-dashed line shows

the implied inflation rate. We see that the shape of the implied inflation rate is quite similar

to the actual inflation rate, and they both peak in mid-2022. Furthermore, even though I only

consider oil supply shocks and abstract from all other potential exogenous drivers of inflation,

the implied inflation rate increases from the initial value of 4.1% up to 7%. Thus, the oil supply

shocks account for about 60% of the additional increase from early 2021 until mid-2022. This is

consistent with the findings in Shapiro (2023) who estimates the supply-driven part of (PCE)

inflation in 2022 to be of similar magnitude.

How much of this is due to the increase in attention? The red-dotted line shows that if there

would not have been an increase in people’s attention, that is when relying on the estimated

impulse response functions from the low-attention regime (panel (b) in Figure 2), the implied

inflation increase from April 2021 until mid-2022 would have only been about 1.4 percentage

points (compared to the 2.9pp. when accounting for people’s change in attention). These

16A similar approach is, e.g., used in Coibion (2012) who analyzes the historical contribution of monetary
policy shocks to industrial production, unemployment and inflation, or by Mitra (2023) who examines the role
of noise shocks for the dynamics of labor markets.

17I ignore all previous shocks, i.e., I compute the counterfactuals as if the economy was in steady state in
April 2021 and that there were no shocks before that period. Thus, the reported results in this section are likely
to be at the lower end of the actual importance of attention for the inflation dynamics, given that inflation was
already increasing before and that the supply shocks in the first three months of 2021 were all negative (i.e.,
inflationary). Consistent with early 2021 being the time attention increased, Hilscher et al. (2022) document
a rise in the probability of persistent high inflation for the US in mid-2021. Reis (2022a) also documents that
household inflation expectations in mid-2021 were not very well anchored any more.
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Figure 5: Supply shocks, attention and the post-Covid inflation surge
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Notes: This figure shows the actual US CPI inflation from 2020 until 2023, as well as the counterfactual inflation
dynamics arising only from oil supply news shocks in the economy accounting for the increase in attention in
April 2021 (blue-dashed line) and in the economy ignoring the increase in attention (orange-dotted line).

results suggest that the rise in the public’s attention to inflation was quantitatively important

in driving inflation further up in response to supply shocks during the recent inflation surge,

and that without the increase in people’s attention supply-driven inflation would have only

been about half as high as it was. Using the estimates from Figure 3, i.e., when using Google

searches as the threshold-defining variable, I find that supply shocks in the recent inflation

surge likely contributed even more than implied by Figure 5, and the role of attention is even

bigger (see Figure 26 in Appendix C.3).

To better understand the underlying mechanisms of this section’s results, I now introduce

the attention threshold and changing degrees of people’s attention to inflation into an otherwise

standard New Keynesian model.

4 A Monetary Model with Varying Attention

This section presents the monetary model which builds on the textbook New Keynesian model

(Woodford, 2003; Gaĺı, 2015) but households and firms pay only limited attention to inflation

and the output gap.

4.1 Households

There is a representative household obtaining utility from consumption and disutility from

working, with lifetime utility

Ẽ0

∞∑
t=0

βtZt

[
C1−σ
t

1− σ
− Ξ

H1+ν
t

1 + ν

]
, (7)
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where Ct is consumption of the final good, Ht is hours worked, β is the household’s time discount

factor, and Ẽt denotes the household’s subjective expectations operator based on information

available in period t. Zt are exogenous preference shocks. The parameters σ and ν pin down

the relative risk aversion and the inverse Frisch labor elasticity, respectively. Ξ is the utility

weight on hours worked.

Households maximize their lifetime utility subject to the flow budget constraints

Ct +Bt = wtHt +
1 + it−1

1 + πt
Bt−1 +

Tt
Pt
, for all t, (8)

where Bt is the real value of government bonds, wt the real wage, πt is the net inflation rate,

and it the nominal interest rate. Tt denotes lump-sum taxes and transfers from the government.

Maximizing (7) subject to (8) yields the Euler equation

ZtC
−σ
t = β(1 + it)Ẽt

[
Zt+1C

−σ
t+1

1

1 + πt+1

]
, (9)

and the labor-leisure condition

wtC
−σ
t = ΞHν

t . (10)

4.2 Firms

The firm sector is held by risk-neutral managers that discount future profits by β and they have

a mass of zero, such that their consumption is 0 and all their profits go to the households, as

in Bayer et al. (2022).

Final good producer. There is a representative final good producer that aggregates the

intermediate goods Yt(j) to a final good Yt, according to

Yt =

(∫ 1

0

Yt(j)
ϵ−1
ϵ dj

) ϵ
ϵ−1

, (11)

with ϵ > 1. Nominal profits are given by Pt

(∫ 1

0
Yt(j)

ϵ−1
ϵ dj

) ϵ
ϵ−1 −

∫ 1

0
Pt(j)Yt(j)dj, and profit

maximization gives rise to the demand for each variety j:

Yt(j) =

(
Pt(j)

Pt

)−ϵ

Yt. (12)
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Thus, demand for variety j is a function of its relative price, the price elasticity of demand ϵ

and aggregate output Yt. The aggregate price level is given by

Pt =

(∫ 1

0

Pt(j)
1−ϵdj

) 1
1−ϵ

. (13)

Intermediate producers. Intermediate producer of variety j produces output Yt(j) using

labor Ht(j) as its only input

Yt(j) = Ht(j). (14)

All intermediate producers pay the same wage wt and a sales tax (or subsidy) τt, which in steady

state is set such that profits in steady state are 0.18 These taxes are given back to firms in a

lump-sum fashion, denoted tFt (j). Taxes are assumed to be constant in the efficient economy,

i.e., absent price rigidities, but fluctuate around their steady state in the economy with price

rigidities in order to give rise to exogenous cost-push shocks.

Each intermediate firm has two managers: one is responsible for the firm’s forecasts and

the other one sets the price of firm j given these forecasts, similar to the setup in, e.g., Adam

and Padula (2011). I discuss here the problem of the price setter and discuss the forecaster’s

problem later.

When adjusting the price, the firm is subject to a Rotemberg (1982) price-adjustment

friction. The per-period profits (in real terms) are given by

(1− τt)Pt(j)

(
Pt(j)

Pt

)−ϵ
Yt
Pt

− wtHt(j)−
ψ

2

(
Pt(j)

Pt−1(j)
− 1

)2

Yt + tFt (j), (15)

where ψ ≥ 0 captures the price-adjustment cost parameter. The price setters sets the price to

maximize profits

Ω0(j) = Ẽj
0

∞∑
t=0

βt

[
(1− τt)Pt(j)

(
Pt(j)

Pt

)−ϵ
Yt
Pt

−mctHt(j)−
ψ

2

(
Pt(j)

Pt−1(j)
− 1

)2

Yt + tFt (j)

]
,

where mct = wt denotes the real marginal cost which is the same for every firm. Using the

production function to substitute for Ht(j) and the demand for firm j’s product from the final

goods producer, the corresponding first order condition is then given by

(1− τt)(ϵ− 1)Pt(j)
−ϵ Yt

P 1−ϵ
t

=ϵmct

(
Pt(j)

Pt

)−ϵ−1
Yt
Pt

− ψ

(
Pt(j)

Pt−1(j)
− 1

)
Yt

Pt−1(j)

+ βψẼj
t

[(
Pt+1(j)

Pt(j)
− 1

)
Pt+1(j)

Pt(j)

Yt+1

Pt(j)

]
.

18Therefore, we have 1− τ = ϵ
ϵ−1 in the steady state.
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Defining Tt ≡ 1− τt, it follows that after a linearization around the zero-inflation steady state,

firm j sets its price according to

p̂t(j) =
1

ψ + ϵ

[
ψp̂t−1 + ϵ

(
m̂ct − T̂t + p̂t

)
+ βψẼj

t π
j
t+1

]
, (16)

where hatted variables denote log deviations of the respective variables from their steady state

values (see Appendix D for all derivations). Therefore, prices may only differ across firms j due

to differences in forecasts Ẽj
t π

j
t+1.

Government. The government imposes a sales tax τt on sales of intermediate goods, issues

nominal bonds, and pays lump-sum taxes and transfers Tt to households and tFt (j) to firms.

The real government budget constraint is given by

Bt = Bt−1
1 + it−1

Πt

+
Tt
Pt

− τYt + tft .

Lump-sum taxes and transfers are set such that they keep real government debt constant at

the initial level B−1/P−1, which I set to zero.

The monetary authority sets the nominal interest rate, according to a (linearized) Taylor

rule:

ĩt = ρiĩt−1 + (1− ρi) (ϕππt + ϕxx̂t) , (17)

where ĩt denotes the nominal interest rate in deviations from its steady state, ρi captures

interest-rate smoothing, ϕπ and ϕx pin down the response coefficients with respect to inflation

and the output gap, respectively. I discuss other rules for monetary policy in Section 6.

4.3 Subjective expectations under limited attention

Households. Households believe that consumption and inflation both follow a random walk:

πt = πt−1 + νπ,t

ĉt = ĉt−1 + νc,t,

where νπ,t and νc,t are normally distributed with mean zero, time-invariant standard

deviations and independent from each other. The random walk assumption ensures that

long-run expectations align with the actual long-run variables.19 They observe the aggregate

shocks τt and Zt perfectly.

At the time the household forms her expectations about future consumption and inflation,

she does not perfectly observe their current realizations. This assumption could capture that

19Imposing a perceived law of motion following an AR(1) process does not qualitatively change the results.
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the household head is not at all times perfectly monitoring all consumption expenditures of the

members of the household and that inflation is not perfectly observable in real time. Instead,

the household only sees noisy signals of the form

sπ,t = πt + επ,r,t

sc,t = ĉt + εc,t,

with normally distributed noise terms επ,r,t and εc,t. Following the attention choice problem

outlined in Section 2, the noise variance regarding inflation επ,r,t is smaller in the H regime,

reflecting the higher attention in that regime.

As detailed in Appendix D, potential output, i.e., output under flexible prices, is constant

and consumption in log-deviations from steady state is equal to the output gap in equilibrium,

ĉt = x̂t.
20 It follows that if we assume initial values Ẽ−1ĉ0 = Ẽ−1x̂0, we have Ẽtĉt+1 = Ẽtx̂t+1 for

all t. This holds true, even if the household does not know that the two are equal in equilibrium.

Expectations about the output gap, x̂t, then evolve as follows:

Ẽtx̂t+1 = Ẽt−1x̂t + γx

(
x̂t − Ẽt−1x̂t

)
, (18)

where Ẽtx̂t+1 denotes the agent’s expectations of the one-period-ahead output gap. The

parameter γx denotes the optimal level of attention to the output gap, based on the agent’s

subjective model of how the output gap evolves. A higher γx denotes a higher attention level.

If γx = 0, the agent is completely inattentive and just sticks to her prior belief Ẽt−1x̂t,

whereas γx = 1 captures the case of full attention in which case the agent believes

Ẽtx̂t+1 = x̂t, which is the full-information belief of someone who believes that the output gap

follows a random walk. As I discuss in more detail in the calibration section later on, I do not

find any differences in attention to unemployment changes (which I use as a proxy for the

output gap) in the data. I therefore impose that γx does not change across regimes.

Inflation expectations follow the law of motion derived in equation (2) for ρπ = 1, so that

they are given by

Ẽtπt+1 =

Ẽt−1πt + γπ,L

(
πt − Ẽt−1πt

)
, when πt−1 < π̄

Ẽt−1πt + γπ,H

(
πt − Ẽt−1πt

)
, when πt−1 > π̄,

(19)

where γπ,r captures the optimal level of attention to inflation in regime r ∈ {L,H}, depending on
the respective cost of information 1

λr
. In what follows, I abstract from noise shocks and instead

20Note, that the price adjustment costs do neither affect the steady state nor the linearized resource constraint
when linearized around the zero-inflation steady state, such that ŷt = ĉt.
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assume that the signal the household receives is exactly equal to the variable’s realization in

that period, but the household does not know this and acts as if there was noise.

Firm managers. Since there are no idiosyncratic shocks, I assume that the forecasting

manager of firm j uses expectations about aggregate inflation to form her expectations about

firm j’s future price change, i.e., Ẽj
t πt+1(j) = Ẽj

t πt+1. Forecasting managers hold the same

subjective expectations as households, consistent with McClure et al. (2022) who show that

managers and non-managers hold similar average inflation and unemployment expectations

and respond similarly to information treatments.21 As for households, I abstract from noise

shocks, which implies that all forecasters receive the same signal about current inflation, from

which it follows that Ẽj
t πt+1(j) = Ẽj

t πt+1 = Ẽtπt+1.

These assumptions imply that all firms set the same price (as they do under rational

expectations). Thus, firm-specific inflation is indeed equal to aggregate inflation, which

confirms the forecaster’s belief that the two are equal, and hence, the forecaster has no reason

to deviate from these beliefs.

Given these assumptions, equation (16) can be written as

πt =
ϵ

ψ

(
m̂ct − T̂t

)
+ βẼtπt+1. (20)

From the labor-leisure equation and the production function, we have m̂ct = (σ + ν) ŷt, and

since potential output is constant we have ŷt = x̂t. Defining cost-push shocks as ut ≡ − ϵ
ψ
T̂t

and κ ≡ ϵ
ψ
(σ + ν), we arrive at the linearized New Keynesian Phillips Curve:

πt = βẼtπt+1 + κx̂t + ut. (21)

4.4 Equilibrium

The model can then be summarized by three equilibrium equations when expressed in log-

deviations from the zero-inflation steady state (see Appendix D):

πt = βẼtπt+1 + κx̂t + ut, (22)

x̂t = Ẽtx̂t+1 − φ
(
ĩt − Ẽtπt+1 − r∗t

)
, (23)

ĩt = ρiĩt−1 + (1− ρi) (ϕππt + ϕxx̂t) , (24)

as well as the two law of motions for output gap expectations and inflation expectations,

equations (18) and (19). Equation (22) is the New Keynesian Phillips curve, representing the

supply side of the economy, and equation (23) denotes the aggregate Euler (or IS) equation,

21McClure et al. (2022) further show that managers’ expectations indeed affect their economic decisions.
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which together with monetary policy (equation (24)) pins down aggregate demand. φ > 0

measures the real rate elasticity of output, and r∗t is the natural interest rate. The natural

interest rate is the real rate that prevails in the economy with fully flexible prices, and solely

depends on the exogenous shocks Zt. It follows an AR(1) process with persistence ρr ∈ [0, 1] and

innovations εr ∼ i.i.N.(0, σ2
r), independent of ε

u. I will refer to shocks to r∗t as demand shocks.

The nominal interest rate ĩt and the natural rate are both expressed in absolute deviations of

their respective steady state values, i and r∗, with i = r∗, as the model is linearized around the

zero-inflation steady state.

5 Inflation Surges

In this section, I show how the model with two inflation-attention regimes can jointly generate

persistent heightened inflation periods, forecast error dynamics mirroring the ones recently

observed in the United States, and lead to an asymmetry in the dynamics of inflation. Before

going into these numerical results, however, I use a stylized version of my model economy to

illustrate how the attention threshold alters the inflation dynamics and how shocks become

more inflationary in times of high attention.

5.1 An Illustrative Example

To provide intuition how the attention threshold can trigger self-reinforcing inflation surges,

I start with a slightly stylized version of the model. In particular, I assume that agents are

completely inattentive to the output gap, i.e., γx = 0, and that the Taylor rule is given by

ĩt = ϕππt with ϕπ > 1. For readability, I set the interest-rate elasticity φ to 1.

The economy starts in the steady state, with u0 = 0, r∗0 = 0 and prior expectations are at

their long-run averages of 0: Ẽ−1π0 = 0 and Ẽ−1x̂0 = 0. The aggregate supply (AS) equation—

captured by the Phillips Curve—in this initial period is then given by

AS0 : π0 =
κ

1− βγπ,L
x̂0, (25)

and aggregate demand (AD), which follows from combining the Taylor rule with the aggregate

Euler (or IS) equation, is given by

AD0 : π0 = − 1

ϕπ − γπ,L
x̂0. (26)

Panel (a) in Figure 6 depicts this initial situation graphically. Inflation and the output gap are

both at their steady state values of 0 and therefore, below the inflation attention threshold π̄.

In period 1, a positive cost-push shock hits and I assume that it persists for two periods:
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Figure 6: An illustrative example

(a) Steady state (b) Cost-push shock hits: AS shifts up

(c) AS: further up and steeper (d) AD: out and steeper

Notes: Panel (a) shows the initial situation in period 0 when the economy is in the steady state. In period 1,
a positive cost-push shock hits the economy, leading to an upward shift of the AS curve (panel (b)). In period

2, the AS curve shifts further up (shift from AS1 to ÃS2) and the curve becomes steeper (rotation from ÃS2

to AS2), shown in panel (c). Simultaneously, the AD curve shifts out (shift from AD1 to ÃD2) and becomes

stepper (rotation from ÃD2 to AD2), as shown in panel (d). The black-dotted line at π̄ depicts the inflation
attention threshold.

u1 = u2 > 0 and returns to zero afterwards, ut = 0 for t ≥ 3. The AS and AD equations are

now given by

AS1 : π1 =
κ

1− βγπ,L
x̂1 +

1

1− βγπ,L
u1

AD1 : π1 = − 1

ϕπ − γπ,L
x̂1.

This situation is shown in panel (b) of Figure 6. The cost-push shock shifts the AS curve up

along the AD curve. The resulting equilibrium is characterized by output below potential, i.e.,
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a negative output gap, and positive inflation. The shock is assumed to be large enough, such

that inflation exceeds the threshold.

Due to the increase in inflation in period 1, firms enter the second period with positive prior

inflation expectations: Ẽ1π2 = γπ,Lπ1 > 0. These higher prior expectations together with the

still ongoing cost-push shock shift the AS curve further up. This shift is illustrated in panel (c)

of Figure 6 by the ÃS2 curve, which is given by

ÃS2 : π2 =
κ

1− βγπ,L
x̂2 +

1

1− βγπ,H
u2 +

β(1− γπ,H)γπ,L
1− βγπ,H

π1︸ ︷︷ ︸
Intercept>0

.

The terms denoted “Intercept” capture this shift in the AS curve. Since inflation in the previous

period exceeded the attention threshold, attention is now higher. This increase in attention

leads to an unambiguously stronger effect of the cost-push shock compared to the case in which

attention would have remained constant:

1

1− βγπ,H
u2 >

1

1− βγπ,L
u2.

The cost-push shock leads to an increase in inflation, and this inflation increase now leads to

a larger increase in firms’ inflation expectations due to their higher attention. These higher

expectations then feed back into higher prices and thus, higher inflation.

The effect of the increase in firm managers’ prior expectations on inflation in the second

period, however, is smaller at the higher attention level. There are two counteracting forces.

First, the increase in attention means that firm managers now update their expectations more

strongly and put less weight on their prior expectations. This per se leads to a smaller effect.

Second, the higher prior increases overall inflation expectations which, ceteris paribus, increases

current inflation. But because inflation expectations are discounted by β ≤ 1, the first effect

dominates. Therefore, the shift in the AS curve due to the higher prior expectations is smaller

at higher attention levels. Quantitatively, however, these differences are very small as β ≈ 1. In

fact, if β = 1, the change in attention has no effect on the shift due to higher prior expectations,

and therefore, the total shift of the AS curve is unambiguously higher when attention is higher,

due to stronger effect of the cost-push shock.

The shift of the AS curve to ÃS2, however, is only part of the story. What I ignored so far

is that the increase in attention also increases the slope of the AS curve. That is, the Phillips
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Curve becomes steeper in periods of high attention—a dynamic non-linearity.22 Taking this

into account, the AS curve in the second period is given by

AS2 : π2 =
κ

1− βγπ,H︸ ︷︷ ︸
Slope

x̂2 +
1

1− βγπ,H
u2 +

β(1− γπ,H)γπ,L
1− βγπ,H

π1.

This steepening of the AS curve is illustrated in panel (c) of Figure 6 by the rotation of the AS

curve from ÃS2 to AS2. This steepening of the AS curve eases the inflationary pressures due

to the negative output gap. Nevertheless, the steeper AS curve implies that if the AD curve

would now shift out, the inflationary effects of this increase in demand would become larger.

It turns out that the higher prior expectations lead to such a demand increase. This is

illustrated by ÃD2 in panel (d) of Figure 6, which is given by

ÃD2 : π2 = − 1

ϕπ − γπ,L
x̂2 +

(1− γπ,H)γπ,L
ϕπ − γπ,H

π1.

The higher prior expectations, ceteris paribus, decrease the real rate which leads to the outward

shift of the AD curve. These effects, however, are smaller at higher levels of attention as long

as the Taylor principle, ϕπ > 1, is satisfied, because in that case the higher inflation rates due

to the higher prior expectations are counteracted by a more than one-for-one increase in the

nominal rate. If monetary policy is relatively dovish, i.e., ϕπ is close to 1, these differences

are small. Furthermore, since the AD curve is now shifted along a steeper AS curve due to

the heightened attention, the inflationary effects of a given shift are larger at the higher level

of attention. This also implies that additional demand stimulus—for example, due to loose

monetary policy or a fiscal stimulus—would have relatively large inflationary effects.

Additionally, the AD curve also becomes steeper, as illustrated by the rotation from ÃD2

to AD2 in panel (d), where AD2 is given by

AD2 : π2 = − 1

ϕπ − γπ,H
x̂2 +

(1− γπ,H)γπ,L
ϕπ − γπ,H

π1.

This leads to a further increase in inflation, especially now because the AS curve is steeper.

Consistent with the empirical findings in Section 3, an adverse supply shock would now be

more inflationary due to the steeper AD curve. In this stylized example, inflation increases

substantially from period 1 to period 2 through the change in attention, whereas the output

22This non-linearity is equally present in the model without the simplifying assumptions I made at the
beginning of this subsection. Note, that this is a different form of non-linearity as for example in Benigno and
Eggertsson (2023) where the Phillips curve becomes steeper at a higher level of labor market tightness, whereas
in my case, the slope does not depend on the level of real activity but depends on people’s attention. When
attention is high, the Phillips curve becomes steeper at every level of real activity.
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gap remains practically constant.23 Thus, the attention threshold offers a theory of how inflation

surges may occur and exhibit self-reinforcing dynamics without changes in output.

In the third period, when the shock has died out, the AS curve shifts back down. The AS

curve is given by

AS3 : π3 =
κ

1− βγπ,H
x̂3 +

β(1− γπ,H)

1− βγπ,H
Ẽ2π3.

Due to the positive prior expectations, Ẽ2π3 > 0, the AS curve does not fully shift back to its

initial position but remains above it. Due to the higher steepness of the AD curve, however,

the shift in the AS curve leads to a stronger reduction in inflation compared to a flatter AD

curve.

While the AS curve comes back down, the AD curve shifts further out due to the positive

prior expectations that agents have when going into period 3. The AD curve is given by

AD3 : π3 = − 1

ϕπ − γπ,H
x̂3 +

1− γπ,H
ϕπ − γπ,H

Ẽ2π3.

Thus, output recovers more strongly during this disinflationary period than what would be the

case absent this shift in the AD curve, and disinflationn occurs more gradually. These results

are shown graphically in Figure 27 in Appendix E.

5.2 Large vs. small shocks

Equipped with these theoretical insights, I now move to a numerical analysis of the attention

threshold. To do so, I set γπ,L = 0.18 and γπ,H = 0.36, and the attention threshold to π̄ = 4%

(annualized), as estimated in Section 2. To calibrate the attention parameter with respect to

the output gap γx, I follow the same procedure as for inflation but focus on expectations about

unemployment changes (see Appendix B.1). This results in γx = 0.24 when inflation is below

4%, and γx = 0.25 when inflation is above it. The two estimates are not statistically significantly

different from each other. I therefore impose that γx does not change across regimes and set it

to γx = 0.25.

The rest of the calibration is standard. I set the discount factor β to target a steady state

natural rate of 1% (annualized), the interest-rate sensitivity φ to 1, and the slope of the Phillips

curve κ to 0.057. The Taylor rule coefficients are set to ρi = 0.7, ϕπ = 2 and ϕx = 0.125.

Figure 7 shows the inflation dynamics following a cost-push shock that pushes inflation

in the first period above the attention threshold π̄ (the red-dashed line shows the inflation

23The additional inflation surge due to the attention shift is also noticeable when comparing the model with
the one that does not feature the increase in attention. The inflation increase from period 1 to period 2 in the
model with the attention threshold is about 50%, but only about 20% in the model absent the attention change.
The output gap is almost identical in both cases. The values I used in this stylized example are: π̄ = 4%,
γπ,L = 0.2, γπ,H = 0.4, β = 0.99, κ = 0.6, ϕπ = 1.05 and u1 = u2 = 10.
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response, and the black-dotted line the attention threshold), as well as following a shock that

does not push inflation above the threshold (blue-dashed-dotted line).24

The two cases exhibit fundamentally different inflation dynamics. When attention remains

low, which happens in response to the relatively small shock, inflation increases on impact

and then gradually returns back to its initial value of zero. After the larger shock, however,

inflation keeps on increasing for about five periods before it peaks and then starts to decrease

thereafter. While this decrease happens relatively fast at first, it slows down once inflation falls

back below the attention threshold, and thus, inflation remains elevated quite persistently. The

model under FIRE exhibits similar dynamics than the blue line but inflation returns even more

quickly to its initial value (see Figure 29 in Appendix E).

Figure 7: Inflation dynamics
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To understand the dynamics in the model with the attention threshold, both regime switches

that take place are key. The first regime switch occurs because the shock impulse is large enough

to push inflation above the attention threshold. Thus, in the second period, agents become more

attentive to inflation and hence, increase their inflation expectations more strongly in response

to the forecast errors they make. For a given nominal rate, households now perceive the real rate

to be lower and thus, increase their consumption in response. The attention regime change also

matters for the supply side. Firms increase their inflation expectations more strongly which

leads them to increase their prices more strongly. On top of that, the equilibrium inflation

response to the cost-push shock in a given state of the economy is higher in the high-attention

regime:
∂πt+j
∂ut+j

∣∣∣
γπ,H

>
∂πt+j
∂ut+j

∣∣∣
γπ,L

.

24I set the shock persistence to 0.8. The dynamics following a demand shock look qualitatively similar and
are shown in Figure 28 in Appendix E. Figure 30 shows the inflation response when attention to the output
gap decreases when attention to inflation increases. The results are qualitatively similar, but the high-inflation
period becomes even more persistent.
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Hence, inflation keeps on increasing, further fueling higher inflation expectations, leading to

additional inflation increases. As the shock slowly dies out, inflation eventually starts to decline.

The second regime switch—once inflation falls back below the threshold value π̄—leads to

the slow inflation decrease after the initial inflation surge. When the economy enters the low-

attention regime, agents decrease their attention to inflation. Thus, they mainly stick to their

prior beliefs and only slowly update their expectations. As their priors are now relatively high

due to the high inflation period, inflation expectations remain persistently high which hinders

actual inflation from decreasing quickly.

Figure 8: Inflation and inflation expectation dynamics
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Notes: The upper panel shows the dynamics of inflation and inflation expectations after a cost-push shock
that pushes inflation above the attention threshold. The lower panel plots quarter-on-quarter (annualized) CPI
inflation and one-quarter-ahead mean inflation expectations for the period 2021-2023, as well as the estimated
attention threshold at 4%. In both panels, the inflation expectations are shifted such that the vertical distance
between the two gives the respective forecast errors.

To clearly see these patterns of inflation and inflation expectations, the upper panel in

figure 8 plots expected and actual inflation, jointly. Inflation expectations are shifted such

that the vertical distance between the two lines captures the forecast errors. Initially, expected
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inflation does not quite catch up with actual inflation, leading to positive forecast errors. After

some time—around 8 quarters after the shock—when inflation is already decreasing, expected

inflation surpasses actual inflation. Hence, forecast errors become negative.25

As the lower panel in figure 8 shows, these patterns are consistent with the recent inflation

surge in the US (and more generally, also with the estimated impulse response functions of

forecast errors in Figure 4). The figure shows annualized quarter-on-quarter CPI inflation and

average inflation expectations from the Michigan Survey for the period from 2021 until 2023Q2.

Consistent with the model implications, inflation peaks about a year and a half after its first

increase. During this inflation surge, inflation expectations lagged actual inflation. As inflation

peaked and began to decline, however, inflation expectations started to surpass actual inflation

after about a year and a half after inflation exceeded the attention threshold. Consistent with

the model, inflation peaks at a higher value than inflation expectations. The model’s dynamics

are also consistent with the empirical findings in Blanco et al. (2022) who document, for a

number of countries and different periods of inflation surges, that (i) inflation stays persistently

high after the initial surge and (ii) that short-run inflation expectations initially fall short of

actual inflation.

That inflation expectations stay persistently high, even when inflation has already fallen

back below the threshold, gives rise to a heightened risk of another subsequent inflation surge.

The higher inflation expectations keep actual inflation higher for longer, and therefore, closer to

the attention threshold. Thus, a subsequent inflationary shock is more likely to push inflation

back above the threshold and therefore, leading to another episode of persistently high inflation.

5.3 Asymmetry

The attention threshold induces an asymmetry in the dynamics of inflation. When inflation

exceeds the threshold, attention increases, leading to a period of persistently high inflation. If,

however, inflation is particularly low, attention remains unchanged. For example, when a shock

pushes inflation from 0% to -4%, attention does not change. Therefore, we would not expect to

see long-lived periods of pronounced deflation after such a shock. This matters for the overall

properties of inflation. In particular, ignoring the attention threshold, would likely result in

underpredicting the risk of persistently high inflation rates.

Figure 9 plots the distribution of inflation for the model with the attention threshold (blue-

solid line) and for the model without the threshold (red-dashed line). These figures are obtained

by simulating the model for 100,000 periods by hitting it with randomly-distributed cost-push

shocks with zero mean and the same standard deviation as the oil supply news shocks from the

empirical results in Section 3. I abstract from demand shocks for this exercise, but introducing

25Figures 31 and 32 in Appendix E show that the results look very similar when current rather than lagged
inflation is the threshold-defining variable.
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demand shocks does not qualitatively change the insights in this section. The model with the

attention threshold has a substantially thicker right tail than the one without the attention

threshold. The probability that inflation exceeds 8% (annualized) is about 9% in the model

with the threshold, and thus close to its empirical counterpart of 11%. In the model without

the threshold, in contrast, inflation exceeds 8% only 3% of the time. When it comes to periods

of low or moderate inflation, the two models exhibit very similar properties. For example, both

models predict inflation to fall below -8% in only 3% of the periods, and the median in both

models is very close to 0.26 Thus, inflation in the model without the attention threshold is

symmetric around its steady state value of 0, whereas it features a substantially higher risk of

periods of high inflation in the model with the threshold.

Figure 9: The attention threshold and inflation asymmetry
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Notes: This figure shows the distribution of inflation (annualized) for the model with the attention threshold
(solid-blue line) and the one without the attention threshold (dashed-red line).

This asymmetry matters for the current context and inflation outlook. To illustrate this,

consider the following experiment: initialize the two model economies—one with and one

without the attention threshold—at the most recent inflation number (the inflation rate in

2023Q3 was 3.53% annualized). I do this by assuming that there was one single supply shock

in that month that pushed inflation up to 3.53%. Since this is below the threshold, both

economies therefore start at exactly the same point. I then simulate the next three years

10,000 times for both models feeding in randomly-drawn supply shocks with zero mean and

the same standard deviation as the one estimated for the oil supply news shocks used in the

empirical section 3.

26The mean is substantially above 0 in the model with the threshold, whereas it is practically 0 in the model
without the threshold. I discuss this in more detail in Section 6 where I derive the normative implications of
these results.
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Figure 10 shows the results. The black line is the actually observed quarter-on-quarter

annualized inflation from 2021Q1 until 2023Q3. The solid blue and red lines show the median

dynamics of the 10,000 simulations for the economy with and without the attention threshold,

respectively. The dotted lines depict the 5th percentile and the 95th percentile of the two model

economies.

Figure 10: The attention threshold and the risk of high inflation
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Notes: This figure shows the median inflation dynamics (solid lines) for the economy with the attention threshold
(blue) and the one without the threshold (red) when simulating the model 10,000 times starting at the 2023Q3
inflation rate and randomly drawing normally distributed zero-mean cost-push shocks with a standard deviation
as computed empirically for the oil supply news shocks. The dotted lines show the 5th and 95th percentiles of
the simulations, respectively.

The model-implied median dynamics are such that in both economies, inflation slowly

returns to its steady state value of 0. The two models also imply very similar dynamics at the

lower end of the distribution of inflation dynamics. The 5th percentile is in both cases slightly

above -5% in 2026Q3. The risk of high inflation, however, differs significantly across the two

models. While the 95th percentile in the model without the attention threshold peaks slightly

above an inflation rate of 7%, it increases to 13% in the model with the attention threshold. If

negative supply shocks push the economy into the high-attention regime, the self-reinforcing

inflation dynamics discussed above would put upward pressure on inflation and we would

experience a second period of persistently high inflation rates.

6 Welfare Implications

I now characterize the normative implications of the inflation attention threshold and the

corresponding changes in attention. To compare different policy rules, I define welfare as

−1

2
E0

∞∑
t=0

βt
[
π2
t + Λx̂2t

]
, (27)
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where Λ is the relative weight of the output gap, which I set to Λ = 0.007 as in Adam and

Billi (2006).27 When implementing the optimal policy, the policymaker maximizes welfare (27)

subject to the private sector’s optimality conditions, characterized by equations (22) and (23).

I assume that the planner thinks that the private sector holds rational expectations. As Clarida

et al. (1999) show, the optimal policy under commitment is given by

πt +
Λ
κ
(x̂t − x̂t−1) = 0

when agents hold rational expectations. Under discretion, the optimal policy does not take its

effects on inflation expectations into account and is then given by

πt +
Λ
κ
x̂t = 0.

In the following, I compare the welfare implications of these different policy rules and

compare them to the Taylor rule (24) as well as to a Taylor rule without interest rate

smoothing and no response to the output gap, i.e., to (24) where ρi = ϕx = 0, as well as to a

strict-inflation targeting regime in which inflation is kept at zero at all times. Table 4

summarizes these different policy rules.

Table 4: Monetary policy rules

Nr. Name Equation

(1) Taylor rule with smoothing ĩt = ρiĩt−1 + (1− ρi) (ϕππt + ϕxx̂t)

(2) Taylor rule without smoothing ĩt = ϕππt

(3) Optimal RE commitment policy πt +
Λ
κ
(x̂t − x̂t−1) = 0

(4) Optimal RE discretionary policy πt +
Λ
κ
x̂t = 0

(5) Strict inflation targeting πt = 0

I then simulate the economy for 10,000 periods for each of the different policy rules. As

in section 5, I focus solely on cost-push shocks, with a persistence of 0.8 and σu = 0.3%.28

Allowing for demand shocks does not qualitatively affect the following results. Figure 11 plots

welfare (27) for the model with the attention threshold (blue-solid line), with limited attention

but absent the attention threshold (red-dashed line) and the model under FIRE (black-dashed-

dotted line) for the 5 different policy rules. Panel (a) in Figure 12 shows the respective inflation

volatilities, panel (b) the average level of inflation, and panel (c) the frequency of how often

27Welfare (27) can be obtained by deriving a second-order approximation to the household’s utility function
(see, e.g., Woodford (2003)). An implicit assumption here is that the policymaker is paternalistic (Benigno and
Paciello, 2014) in the sense that the policymaker evaluates the household’s utility under rational expectations.

28To calibrate the standard deviation of the cost-push shocks at quarterly frequency, I sum up all monthly
oil supply news shocks within a quarter and use the resulting standard deviation as my σu. I use the same
approach for figures 9 and 10.
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inflation is above the threshold of 4%.

Figure 11: Welfare
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Figure 12: Inflation volatility, average inflation and time spent in the high-attention regime
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There are two main takeaways from figures 11 and 12. First, following simple Taylor rules

(policy rules (1) and (2)) leads to substantially larger welfare losses compared to optimal policy

rules or a strict inflation targeting rule in the model with the attention threshold, especially for

the case with interest-rate smoothing.29 The reason is that the economy spends a substantial

amount of time in the high-attention regime in which inflation is high and volatile (see panel

(c) in figure 12). Due to the asymmetry of the attention threshold the average level of inflation

is higher when the economy is in the high-attention regime frequently (panel (b)). This is

in stark contrast to the model without the threshold or the one with fully-informed rational

agents, where inflation fluctuates symmetrically around zero. Interest rate smoothing introduces

additional persistence, such that the periods in the high-attention regime last longer and thus,

the average level of inflation as well as its volatility increase.

29Gáti (2022) shows that in her model with varying degrees of long-run-expectations anchoring, the welfare
losses of Taylor rules with a low inflation-response coefficient may go to infinity, as in this case the model
becomes unstable and inflation (and the output gap and interest rates) becomes explosive.
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The second main take away is that neither limited attention nor the attention threshold have

large welfare implications, when monetary policy follows one of the rules (3)-(5). In all cases,

inflation is relatively stable and fluctuates almost symmetrically around 0, as the economy very

rarely stays in the high-attention regime (an exception is the optimal discretion rule (2)). In

the case of the strict-inflation targeting regime (5) the inflation volatility is exactly 0. However,

in that case, the output gap is more volatile (not shown) such that the overall welfare losses

are very similar to the ones under the other policy rules from (3) and (4).

Overall, figures 11 and 12 illustrate that following simple Taylor rules, especially ones with

interest-rate smoothing and relatively low inflation-response coefficients, can lead to large

welfare losses when the public’s attention to inflation may increase substantially during times

of high inflation. Policies that are more hawkish and induce much smaller inflation

fluctuations, in contrast, can mitigate the potentially detrimental effects of sudden increases

in attention much more effectively, or even prevent these episodes from happening completely.

7 Conclusion

The recent inflation surge in many advanced economies brought inflation back on people’s

minds. In this paper, I quantify the inflation attention threshold after which people start to

pay more attention to inflation. I estimate this attention threshold to be at an inflation rate

of 4% in the United States and that attention doubles from the low-attention regime to the

high-attention regime. Supply shocks become twice as inflationary in the high-attention regime

and I find that the change in people’s attention in early 2021 likely doubled the inflationary

effect of supply shocks.

A New Keynesian model that accounts for the inflation attention threshold can replicate the

empirical findings and produces inflation and inflation expectation dynamics that are consistent

with the ones recently observed in the US.

Accounting for varying attention levels also matters for the models’ normative predictions.

Following simple Taylor rules leads to much larger welfare losses compared to optimal policy

rules. Such simple policies induce frequent and long-lasting episodes in which attention is

heightened which leads to large welfare losses, not only because these episodes increase the

overall volatility of inflation, but—due to the asymmetry of the attention threshold—also the

average inflation rates.
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A A Limited-Attention Model of Inflation Expectations

In this section, I derive the expectations-formation process under limited attention used in

Section 2. The agent believes that (demeaned) inflation tomorrow, π′, depends on (demeaned)

inflation today, π, as follows

π′ = ρππ + ν,

where ρπ ∈ [0, 1] denotes the perceived persistence of inflation and ν ∼ i.i.N.(0, σ2
ν). Inflation in

the current period is unobservable, so before forming an expectation about future inflation, the

agent needs to form an expectation about today’s inflation. I denote this nowcast π̃, and the

resulting forecast about next period’s inflation πe = ρππ̃. Given her beliefs, the full-information

forecast πe∗ is

πe∗ ≡ ρππ.

But since π is not perfectly observable, the actual forecast will deviate from the full-information

forecast. Deviating, however, is costly, as this causes the agent to make mistakes in her decisions.

The agent’s choice is not only about how to form her expectations given certain information,

but about how to choose this information optimally, while taking into account how this will

later affect her forecast. That is, she chooses the form of the signal s she receives about current

inflation. Since acquiring information is costly, it cannot be optimal to acquire different signals

that lead to an identical forecast. Due to this one-to-one relation of signal and forecast, we

can directly work with the joint distribution of πe and π, f(πe, π), instead of working with the

signal.

Let U(πe, π) denote the negative of the loss that is incurred when the agent’s forecast

deviates from the forecast under full information, and C(f) the cost of information. Then, the

agent’s problem is given by

max
f

∫
U(πe, π)f(πe, π)dπdπe − C(f) (28)

subject to

∫
f(πe, π)dπe = g(π), for all π,

where g(π) is the agent’s prior, which is assumed to be Gaussian; π ∼ N (π̂, σ2
π). C(.) is the cost

function that captures how costly information acquisition is. It is linear in mutual information

I(π; πe), i.e., the expected reduction in entropy of π due to knowledge of πe:

C(f) =
1

λ
I(π; πe) =

1

λ
(H(π)− E [H(π|πe)]) ,

where H(x) = −
∫
f(x)log(f(x))dx is the entropy of x and 1

λ
measures the cost of information.
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The objective function U(.) is assumed to be quadratic:

U(πe, π) = −χ (ρππ − πe)2 ,

where χ measures the stakes of making a mistake.30

In this setup, Gaussian signals are optimal (and in fact the unique solution, see Matějka

and McKay (2015)). The optimal signal thus has the form

s = π + ε,

with ε ∼ i.i.N.(0, σ2
ε).

31 The problem (28) now reads

max
σ2
π|s≤σ2

π

Eπ
[
Es
[
−χρ2π (π − E[π|s])2

]]
− 1

λ
I(π; πe) = max

σ2
π|s≤σ2

π

(
−χρ2πσ2

π|s −
1
λ

2
log

σ2
π

σ2
π|s

)
. (29)

The optimal forecast is given by πe = ρπE [π|s], and Bayesian updating implies

πe = ρπ (1− γ) π̂ + ρπγs, (30)

where γ = 1 −
σ2
π|s
σ2
π

∈ [0, 1] measures how much attention the agent pays to inflation, and π̂

denotes the prior mean of π.

An equivalent way of writing γ is

γ =
σ2
π

σ2
π + σ2

ε

. (31)

Now, since the agent chooses the level of attention, we can re-formulate (29) as

max
γ∈[0,1]

(
−χρ2π(1− γ)σ2

π −
1
λ

2
log

1

1− γ

)
. (32)

Solving this optimization problem (32) yields the optimal level of attention

γπ = max

{
0, 1−

1
λ

2χρ2πσ
2
π

}
. (33)

The expression (33) for the optimal attention level shows that when the cost of information 1
λ

is lower, attention is higher.

30A quadratic loss function is usually derived from a second-order approximation of the household’s utility
function or the firm’s profit function (see, e.g., Mackowiak and Wiederholt (2009)).

31In this case, the entropy becomes H(x) = 1
2 log(2πeσ

2
x), where σ2

x is the variance of x. Note, that here π
denotes the number “pi” and not inflation.
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B Appendix to Empirical Section 2

Time series of inflation and inflation expectations.

Figure 13: Inflation and Inflation Expectations
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Notes: The black-solid lines show the annualized quarter-on-quarter CPI inflation rate at monthly frequency for
the US, and the blue-dashed lines the average inflation expectations of households from the Survey of Consumers.
The upper panel shows these time series for the period 1978 - 2023, and the lower panel for the period 2010 -
2023.

News Coverage of inflation. Figure 14 supports the assumption that media reporting about

inflation is higher in times of higher inflation. The Figure shows the frequency of the word

“inflation” in the New York Times (1970 to July 2023, blue-dashed line) and the Washington

Post (1977-2019, red-dashed-dotted line), together with annual CPI inflation (black-solid line).

There is a very strong positive correlation between inflation and news coverage of inflation (the

correlation between CPI inflation and the two news-coverage series is 0.86 for the New York

Times and 0.90 for the Washington Post).

News coverage of inflation is also substantially higher in times inflation is above the attention

threshold. I find that the average frequency of the word “inflation” is 2.7 times as high for the

New York Times and 2.9 times as high for the Washington Post when CPI inflation is above
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Figure 14: News coverage of inflation is higher in times of high inflation
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Notes: The black-solid line shows the annual CPI inflation rate for the US since 1970, the blue-dashed line and
the red-dashed-dotted line show the frequency of the word inflation in the New York Times and the Washington
post, respectively.

4% in that year compared to years in which CPI inflation is below 4%.

Consistent with this, Bracha and Tang (2023) show that higher inflation rates indeed lead to

more media reporting about inflation, and Lamla and Lein (2014) find that more intensive news

reporting about inflation improves the accuracy of consumers’ inflation expectations, consistent

with agents being more attentive. Schmidt et al. (2023) show that during episodes of intensive

newspaper coverage of inflation, news reporting has strong effects on inflation expectations

but not during other episodes. Larsen et al. (2021) find that news media coverage predicts

households’ inflation expectations, and Nimark and Pitschner (2019) show that major events

(such as strong inflation increases) lead to a shift in the news focus towards these events.

Covid. When focusing on the sample from 2017 until 2023, I estimate an attention threshold

of 3.63%, and attention levels of γ̂π,L = 0.03 and γ̂π,H = 0.25. The very low attention level before

the outbreak of the Covid-19 pandemic confirms the findings in Pfäuti (2023) that attention to

inflation was at a historical low at the time. When imposing the threshold at 4% (rather than

estimating it), attention in the higher regime equals 0.28 and 0.04 in the low regime.

Figure 15 shows news coverage of inflation in the New York Times for the period 2019 until

July 2023 at monthly frequency (blue-dashed line) together with monthly year-on-year CPI

inflation. The figure shows the strong positive correlation of 0.85 between inflation and news

coverage, and that at the peak, news coverage of inflation quintupled from its pre-pandemic

level. Consistent with the theory, news coverage lags inflation slightly (the correlation between

news coverage and lagged inflation is slightly higher than the one with current inflation, 0.9

instead of 0.85). The correlation of news coverage with Google searches is 0.94 for the period

2017-2023, further supporting the assumption that news coverage is highly correlated with the

public’s attention to inflation.

47



Figure 15: News coverage of inflation during Covid
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Notes: The black-solid line shows the monthly year-on-year CPI inflation rate for the US and the blue-dashed
line the frequency of the word inflation in the New York Times, normalized to have the same standard deviation
as CPI inflation.

Heterogeneity. So far, I mainly focused on average (and median) expectations. I now test

whether the attention threshold and the different attention levels depend on people’s gender

or their age.32 As documented in D’Acunto et al. (2021), gender and gender roles (e.g., with

respect to grocery shopping) play a big role in explaining differences in how men and women

form their inflation expectations. I find that men have a higher attention threshold than women

(4.4% vs. 3.9%), indicating that women increase their attention somewhat earlier than men.

This might be explained by the fact that women are more likely to go grocery shopping than

men (D’Acunto et al., 2021) and therefore, experience price changes more directly than men.

I further find that the threshold for younger people (aged 18-34) is lower than for older people

(4.44% vs. 6.8% for people aged between 35 and 54, and 5.7% for people aged older than 55),

but that their attention levels tend to be lower overall (0.21 vs. 0.24 below the threshold and

0.41 vs. 0.74 above it).

B.1 Unemployment expectations

In order to calibrate the attention parameter with respect to the output gap, γx, I use

expectations about unemployment changes from the Survey of Consumers. The survey asks

households whether they expect unemployment to increase, decrease or to remain about the

same over the next twelve months. I follow Carlson and Parkin (1975), Bhandari et al. (2019)

and Pfäuti and Seyrich (2023) to translate these categorical unemployment expectations into

numerical expectations.

Let qDt , q
S
t and qUt denote the shares reported at time t that think unemployment will go

32There is a vast literature documenting heterogeneity in inflation expectations, see, e.g., D’Acunto et al.
(2019); Broer et al. (2021); Pfäuti and Seyrich (2023); D’Acunto et al. (2023); Pedemonte et al. (2023); Weber
et al. (2022); Roth et al. (2023); Nord (2022); Meichtry (2022), for recent contributions.
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down, stay roughly the same, or go up over the next year, respectively. I assume that these

shares are drawn from a cross-sectional distribution of responses that are normally distributed

according to N (µt, (σt)
2) and a threshold a such that when a household expects unemployment

to remain within the range [−a, a] over the next year, she responds that unemployment will

remain ”about the same”. We thus have

qDt = Φ

(
−a− µt

σt

)
qUt = 1− Φ

(
a− µt
σt

)
,

which after some rearranging yields

σt =
2a

Φ−1 (1− qUt )− Φ−1 (qDt )

µt = a− σtΦ
−1
(
1− qUt

)
.

This leaves us with one degree of freedom, namely a. I follow Pfäuti and Seyrich (2023) and

set a = 0.5 which means that if a household expects the change in unemployment to be less

than half a percentage point (in absolute terms), she reports that she expects unemployment

to be about the same as it is at the time of the survey. I use data from FRED for the actual

unemployment changes and restrict the sample to end in 2019Q4, due to the extreme behavior

of unemployment changes with the outbreak of the Covid-19 pandemic.

I then estimate γx separately for whether lagged inflation is above or below the estimated

threshold of 4%. This results in estimates γ̂x,L = 0.25 and γ̂x,H = 0.25. Thus, there are no

differences in attention to unemployment changes across regimes and hence, I impose γx to be

the same across regimes in the model.
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C Additional Results and Robustness Checks to Section

3

C.1 Other shocks

Inflation shock. Angeletos et al. (2020a) estimate a VAR including 10 key macroeconomic

variables and then identify different shocks by maximizing its contribution to the volatility of a

given variable over business-cycle frequency (6-32 quarters). I use their shock that contributes

most to the volatility of inflation (using the GDP deflator, as in Angeletos et al. (2020a)).

These shocks are available at quarterly frequency and span the period 1960 until the end of

2017. I use the previous quarter’s CPI inflation as an indicator whether the economy is in

the high-attention regime or the low-attention regime (i.e., was the previous annualized CPI

inflation rate above or below 4%.)

The dependent variable is the change in the log of the GDP deflator (times 100) from quarter

t− 1 to quarter t+h. Figure 16 shows the results. As in the specification with oil news shocks,

inflation responds about twice as much to the inflation shock when hit in the high-attention

regime compared to the low-attention regime. As panel (d) shows, these differences are highly

statistically significant and quite persistent: the difference is largest 10 quarters after the shock

and still highly statistically significan.

Monetary policy shocks. In figure 17, I show that inflation also responds more strongly

in the high-attention regime to monetary policy shocks identified using a high-frequency

identification (the shocks are taken from Jarociński and Karadi (2020) and are purged from

the information effects of monetary policy statements; I show here the shocks identified using

sign restrictions, but the results are practically identical when using the shock series based on

the ”poor-man approach”). A drawback of using these monetary policy shocks, however, is

that they are only available for the period 1990-2019. Thus, the sample does not include most

of the high-inflation periods. Therefore, while the differences across regimes are substantial in

magnitude, the differences are less statistically significant.
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Figure 16: Price level response to the shock targeting inflation

(a) High-Attention Regime (b) Low-Attention Regime
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(c) Average effect (d) Difference
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Notes: This figure shows the cumulative price level (using the GDP deflator) response to the shock of Angeletos
et al. (2020a) that targets inflation in the high-attention regime (panel (a)), the low-attention regime (panel
(c)), on average across regimes (panel (c)), and the difference between the two regimes (panel (d)). The dark
shaded areas depict the 68% confidence bands and the light-shaded area the 90% confidence bands. Standard
errors are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987) with 4 lags).
The attention regimes ares defined based on the previous quarter’s CPI inflation rate.
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Figure 17: Inflation response to an monetary policy shock

(a) High-Attention Regime (b) Low-Attention Regime
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(c) Average effect (d) Difference
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Notes: This figure shows the inflation response to a monetary policy shock (equation (6)) in the high-attention
regime (panel (a)), the low-attention regime (panel (c)), on average across regimes (panel (c)), and the difference
between the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and the light-
shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation and
heteroskedasticity (Newey and West (1987) with 12 lags). The shocks are from Jarociński and Karadi (2020)
and are based on a high-frequency identification and cleaned from information effects of monetary policy.
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C.2 Robustness analysis

Oil price response. Figures 18 and 19 show the responses of the real and nominal oil price,

respectively, to a negative oil supply news shock for the two attention regimes (panels (a) and

(b)), the average response in panel (c), and the difference across regimes in (d). We see that

the differences across regimes are not significant at the 10% significance level at any horizon,

indicating that the differences in the inflation responses discussed in section 3 are unlikely to

be driven by different oil price responses.

Figure 18: Real oil price response to an oil supply news shock

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the real oil price response to an oil supply news shock (equation (6)) in the high-
attention regime (panel (a)), the low-attention regime (panel (c)), on average across regimes (panel (c)), and
the difference between the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and
the light-shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation
and heteroskedasticity (Newey and West (1987) with 12 lags). The attention regimes ares defined based on the
previous month’s inflation rate.

53



Figure 19: Nominal oil price response to an oil supply news shock

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the nominal oil price response to an oil supply news shock (equation (6)) in the high-
attention regime (panel (a)), the low-attention regime (panel (c)), on average across regimes (panel (c)), and
the difference between the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and
the light-shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation
and heteroskedasticity (Newey and West (1987) with 12 lags). The attention regimes ares defined based on the
previous month’s inflation rate.
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Unemployment response. Figures 20 and 21 show the responses of the unemployment rate

(excluding the Covid period 2020-2023 and including it, respectively) to a negative oil supply

news shock for the two attention regimes (panels (a) and (b)), the average response in panel

(c), and the difference across regimes in (d). We see that the differences across regimes are not

significant at any conventional significance level at any horizon, indicating that the differences

in the inflation responses discussed in section 3 are unlikely to be driven by generally more

responsive macroeconomic variables.

Figure 20: Unemployment response to an oil supply news shock

(a) High-Attention Regime (b) Low-Attention Regime

0 4 8 12 16 20 24
-0.5

-0.25

0

0.25

0.5

0 4 8 12 16 20 24
-0.5

-0.25

0

0.25

0.5

(c) Average effect (d) Difference

0 4 8 12 16 20 24
-0.5

-0.25

0

0.25

0.5

0 4 8 12 16 20 24
-0.5

-0.25

0

0.25

0.5

Notes: This figure shows the unemployment rate response to an oil supply news shock (equation (6)) when
excluding the Covid-19 period (2020-2023) in the high-attention regime (panel (a)), the low-attention regime
(panel (c)), on average across regimes (panel (c)), and the difference between the two regimes (panel (d)).
The dark shaded areas depict the 68% confidence bands and the light-shaded area the 90% confidence bands.
Standard errors are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987)
with 12 lags).
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Figure 21: Unemployment response to an oil supply news shock including Covid

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the unemployment rate response to an oil supply news shock (equation (6)) when
including the Covid-19 period (2020-2023) in the high-attention regime (panel (a)), the low-attention regime
(panel (c)), on average across regimes (panel (c)), and the difference between the two regimes (panel (d)).
The dark shaded areas depict the 68% confidence bands and the light-shaded area the 90% confidence bands.
Standard errors are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987)
with 12 lags).
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Covid. Figure 22 shows the inflation response to a negative oil supply news shock for the two

attention regimes (panels (a) and (b)), the average response in panel (c), and the difference

across regimes in (d) when excluding the Covid period 2020-2023. We see that the differences

across regimes are slightly weaker than for the baseline case in Figure 2 but still substantial.

Figure 22: Inflation response to an oil supply news shock excluding Covid

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock (equation (6)) when excluding the
years 2020, 2021, 2022 and 2023 in the high-attention regime (panel (a)), the low-attention regime (panel (c)),
on average across regimes (panel (c)), and the difference between the two regimes (panel (d)). The dark shaded
areas depict the 68% confidence bands and the light-shaded area the 90% confidence bands. Standard errors
are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987) with 12 lags).
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Exluding the Great Inflation period. Figure 23 shows the inflation response to a negative

oil supply news shock for the two attention regimes (panels (a) and (b)), the average response

in panel (c), and the difference across regimes in (d) when excluding the Great inflation period,

i.e., when excluding observations before 1990. We see that the differences across regimes are

even slightly stronger than in the baseline specification.

Figure 23: Inflation response to an oil supply news shock after 1990

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock (equation (6)) when excluding the
years 2020, 2021, 2022 and 2023 in the high-attention regime (panel (a)), the low-attention regime (panel (c)),
on average across regimes (panel (c)), and the difference between the two regimes (panel (d)). The dark shaded
areas depict the 68% confidence bands and the light-shaded area the 90% confidence bands. Standard errors
are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987) with 12 lags).
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Role of control variables. Figure 24 shows the inflation response to a negative oil supply

news shock for the two attention regimes (panels (a) and (b)), the average response in panel

(c), and the difference across regimes in (d) when not including any control variables. We see

that the differences across regimes are slightly weaker than for the baseline case in Figure 2 but

still substantial.

Figure 24: Inflation response to an oil supply news shock (no controls)

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock (equation (6)) when using no control
variables in the high-attention regime (panel (a)), the low-attention regime (panel (c)), on average across regimes
(panel (c)), and the difference between the two regimes (panel (d)). The dark shaded areas depict the 68%
confidence bands and the light-shaded area the 90% confidence bands. Standard errors are robust with respect
to serial correlation and heteroskedasticity (Newey and West (1987) with 12 lags).
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Price-level response. In the baseline regression (6), the dependent variable is the change

in the inflation rate from time t− 1 to time t + h: πt+h − πt−1. Figure 25 now shows the case

where the dependent variable is the cumulative change in the price level: Pt+h − Pt−1, where

Pt is the natural logarithm (times 100) of the price level using the CPI. We see from Figure 25

that the results are similar to the baseline case in figure 2: inflation responds 2-3 times more

strongly in the high-attention regime and the differences are highly statistically significant, at

least in the first 1-2 years.

Figure 25: Price level response to an oil supply news shock

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the cumulative price level (using the CPI) response to an oil supply news shock
(equation (6)) in the high-attention regime (panel (a)), the low-attention regime (panel (c)), on average across
regimes (panel (c)), and the difference between the two regimes (panel (d)). The dark shaded areas depict
the 68% confidence bands and the light-shaded area the 90% confidence bands. Standard errors are robust
with respect to serial correlation and heteroskedasticity (Newey and West (1987) with 12 lags). The attention
regimes ares defined based on the previous month’s inflation rate.
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C.3 The role of attention in the recent inflation surge: using Google

Trends

Figure 26: Supply shocks, attention and the post-Covid inflation surge
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Notes: This figure shows the actual US CPI inflation from 2020 until 2023, as well as the counterfactual inflation
dynamics arising only from oil supply news shocks in the economy accounting for the increase in attention in
April 2021 (blue-dashed line) and in the economy ignoring the increase in attention (orange-dotted line). The
implied inflation dynamics depend on the estimated impulse responses using Google trends data (Figure 3).

D Model Derivations

Derivation of equation (23). Linearizing the Euler equation (9) yields

ĉt = Ẽtĉt+1 − φ
(
ĩt − Ẽtπt+1 − (ẑt − Ẽtzt+1)

)
. (34)

The representative household therefore needs to form expectations about future consumption

Ẽtĉt+1, inflation Ẽtπt+1 and the exogenous preference shock Ẽtẑt+1. The household holds

rational expectations about the shock, so Ẽtẑt+1 = Etẑt+1, where Et(·) denotes the rational

expectations operator, and since ẑt follows an AR(1) process with persistence ρz, it follows

that Ẽtẑt+1 = Etẑt+1 = ρz ẑt.

Following the discussion in Section 2, the household holds a subjective model of how

consumption and inflation evolve. She believes that they both follow a random walk:

πt = πt−1 + νπ,t

ĉt = ĉt−1 + νc,t,

where νπ,t and νc,t are normally distributed with mean zero, time-invariant standard deviations

and independent from each other. At the time the household needs to form expectations about

future consumption and inflation, she does not perfectly observe their current realizations.
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This assumption could capture that the household is not at all times perfectly monitoring all

consumption expenditures of the members of the household. Instead of observing consumption

(and inflation) perfectly, the household only receives noisy signals of the form

sπ,t = πt + επ,t

sc,t = ĉt + εc,t,

with normally distributed noise terms επ,t and εc,t. As explained in Sections 2 and A, the noise

of these signals is endogenous and depends on how attentive the household is. Given these

signals, it follows from the (steady state) Kalman filter that optimal updating in regime r is

given by

Ẽtπt+1 = Ẽt−1πt + γπ,r

(
πt − Ẽt−1πt

)
+ uπ,t

Ẽtĉt+1 = Ẽt−1ĉt + γc,r

(
ĉt − Ẽt−1ĉt

)
+ uc,t.

I abstract from noise shocks and therefore impose that uπ,t and uc,t are zero.

In order to express equation (34) in terms of the output gap, we need to derive the

efficient allocation, i.e., the one that prevails in the economy with fully flexible prices. From

the production function, we have Y ∗
t = H∗

t . The real wage is constant w∗
t = 1. From the

labor-leisure equation (10), we get that potential output is therefore also constant and equal

to

Y ∗
t = Ξ− 1

ν+σ . (35)

Thus, potential output in log-deviations is 0. The Euler equation in the flexible-price economy

is therefore given by

0 = −φ
(
rt − (ẑt − Ẽtzt+1)

)
.

Since the natural rate is defined as the real rate that prevails under flexible prices, rt, it follows

directly that

r∗t = ẑt − Ẽtzt+1. (36)

Substituting ẑt − Ẽtzt+1 with r∗t in (34) and using that ĉt = ŷt = x̂t, since potential output is

0, yields the IS equation (23):

x̂t = Ẽtĉt+1 − φ
(
ĩt − Ẽtπt+1 − r∗t

)
. (37)

Note, however, that if we assume initial values Ẽ−1ĉ0 = Ẽ−1x̂0, it follows that Ẽtĉt+1 = Ẽtx̂t+1

because ĉt = x̂t in equilibrium. This holds true, even if the household does not know that they
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are equal in equilibrium. We can thus write equation (37) as

x̂t = Ẽtx̂t+1 − φ
(
ĩt − Ẽtπt+1 − r∗t

)
, (38)

which is equation (23) as stated in the main text.

Derivation of equation (22). To derive the New Keynesian Phillips Curve (22), we start

by maximizing

Ω0(j) = Ẽ0

∞∑
t=0

βt

[
(1− τt)Pt(j)

(
Pt(j)

Pt

)−ϵ
Yt
Pt

− wtHt(j)−
ψ

2

(
Pt(j)

Pt−1(j)
− 1

)2

Yt + tFt (j)

]
,

which yields the first-order condition

(1− τt)(ϵ− 1)Pt(j)
−ϵ Yt

P 1−ϵ
t

= ϵmct

(
Pt(j)

Pt

)−ϵ−1
Yt
Pt

− ψ

(
Pt(j)

Pt−1(j)
− 1

)
Yt

Pt−1(j)

+ βψẼt

[(
Pt+1(j)

Pt(j)
− 1

)
Pt+1(j)

Pt(j)

Yt+1

Pt(j)

]
.

I define Tt ≡ 1 − τt, and set it such that marginal costs in the steady state are zero, i.e.,

T = ϵ
ϵ−1

. Linearizing around the zero-inflation steady state in which P (j) = P for all j, I

obtain

T (ϵ− 1)
Y

P

[
T̂t − ϵp̂t(j) + ŷt − (1− ϵ)p̂t

]
(39)

=ϵmc
Y

P
[(−ϵ− 1)p̂t(j)− (−ϵ− 1)p̂t + m̂ct + ŷt − p̂t] (40)

−ψY
P

(ŷt − p̂t−1(j)− πt(j)− ŷt + p̂t−1(j)) (41)

+βψ
Y

P
Ẽj
t π

j
t+1. (42)

Grouping terms, using mc = 1, T = ϵ
ϵ−1

and dividing by Y
P
yields

p̂t(j) =
1

ψ + ϵ

[
ψp̂t−1 + ϵ

(
m̂ct − T̂t + p̂t

)
+ βψẼj

t π
j
t+1

]
. (43)

Given the assumptions in Section 4, it follows that Ẽj
t π

j
t+1 = Ẽtπt+1 such that

p̂t(j) =
1

ψ + ϵ

[
ψp̂t−1 + ϵ

(
m̂ct − T̂t + p̂t

)
+ βψẼtπt+1

]
. (44)
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Therefore, the optimal price p̂t(j) is the same for all firms j, p̂t(j) = p̂t, such that we get

ψ (p̂t − p̂t−1)︸ ︷︷ ︸
=πt

= ϵ
(
m̂ct − T̂t

)
+ βψẼtπt+1. (45)

Dividing by ψ yields

πt =
ϵ

ψ

(
m̂ct − T̂t

)
+ βẼtπt+1. (46)

Using that m̂ct = (σ + ν) ŷt and ŷt = x̂t and defining cost-push shocks as ut ≡ − ϵ
ψ
T̂t and the

slope parameter κ ≡ ϵ
ψ
(σ + ν), I arrive at the linearized New Keynesian Phillips Curve under

subjective expectations:

πt = κx̂t + βẼtπt+1 + ut. (47)
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E Additional Figures

Figure 27: Illustrative example: after the shock has died out

Notes: This figure depicts the third period in which the cost-push shock has died out (after being positive for
two consecutive periods). The black-dotted line at π̄ depicts the inflation attention threshold.
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Figure 28: Inflation dynamics after a demand shock
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Figure 29: Inflation dynamics under FIRE or absent the attention change
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Figure 30: Inflation dynamics with γx,L = 0.25 and γx,H = 0.1
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Figure 31: Inflation dynamics with current inflation as the threshold-defining variable
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Figure 32: Forecast errors with current inflation as the threshold-defining variable
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